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Abstract

Debates over the extent to which racial attitudes and economic distress explain vot-
ing behavior in the 2016 election have tended to be limited in scope, focusing on the
extent to which each factor explains white voters’ two-party vote choice. This limited
scope obscures important ways in which these factors could have been related to vot-
ing behavior among other racial sub-groups of the electorate, as well as participation
in the two-party contest in the first place. Using the vote-validated 2016 Cooperative
Congressional Election Survey, merged with economic data at the ZIP code and county
levels, we find that racial attitudes strongly explain two-party vote choice among white
voters — in line with a growing body of literature. However, we also find that lo-
cal economic distress was strongly associated with non-voting among people of color,
complicating direct comparisons between racial and economic explanations of the 2016
election and cautioning against generalizations regarding causal emphasis.
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Introduction

This special issue asks us to consider the causes of Donald Trump’s victory in the 2016
presidential election. And perhaps no question regarding the causes of support for his unusual
candidacy is as well-worn as the debate over whether racial attitudes or economic conditions
were responsible for his victory. Did Trump win the presidency due to voters’ investment
in systemic racial inequalities and anxieties regarding demographic change? Or did they
instead punish the incumbent Democratic Party for failing to improve their communities’
economic well-being, placing their hopes in Trump’s promises to bring jobs back to the parts
of the United States that had been left behind by globalization?

While this debate over the sources of Donald Trump’s support has been ongoing since
his campaign began, its scope has been limited in two important respects that hinder our
understanding of the election. First, its participants tend to only consider one possibility
as to how these factors could affect voting behavior — namely, choosing Donald Trump over
Hillary Clinton. Second, they tend to only consider one particular subset of the electorate for
whom racial attitudes and economic distress may have predicted changes in voting behavior
— namely, white voters. And when one only seeks to explain binary choice within a subset
of the electorate, it becomes intuitive to reduce explanations to an either/or dichotomy,
concluding that one factor was more consequential than the other.

Ultimately, limiting the scope of inquiry in this manner obscures important ways in
which both of these constructs could have been associated with different voting behaviors
among different subsets of the 2016 electorate. Furthermore, it risks writing people of color
out of the story of the 2016 election, instead telling that story on only white voters’ terms
(Coates 2017). Studies examining the intersection of race and gender in the 2016 election
have found differential relationships between sexism and Trump support across different
racial groups (Bracic, Israel-Trummel, and Shortle 2018; Frasure-Yokley 2018), with gender
attitudes being more strongly associated with vote choice among white voters than their

non-white counterparts. A similar approach could add similar nuance to our understanding



of racial attitudes and economic distress in the 2016 contest.

To be fair, a limited scope is often necessary for quantitative analysis immediately follow-
ing an election. The lack of validated voter turnout until months after an election encourages
researchers to treat major party vote choice as their outcome variable — to the exclusion of
non-voting. Additionally, many publicly available surveys are too small to conduct multi-
variate analyses among racial sub-groups of the electorate, forcing researchers to either limit
their analyses to white citizens or assume that their constructs of interest are similarly asso-
ciated with their outcome of interest for citizens of different races. Furthermore, economic
evaluations on surveys are often subject to expressive partisan responding, complicating the
links between stated economic anxieties and reported voting behavior. Finally, researchers
who seek to avoid these (and other) limitations with survey research are often forced to
move away from individual-level analyses to higher levels of aggregation, such as the county
level. This, too, can encourage the use of outcome variables that only consider two-party
vote choice, which can obscure important variation in participation in the two-party contest.

Accounting for these methodological limitations allows us to broaden our scope regarding
how and for whom racial attitudes and economic conditions may have been associated with
voting behavior in the 2016 election, deepening our understanding of its outcome. As a
consequence, we reject generalizations regarding whether racial attitudes or economic distress
predicted voting behavior better than the other, instead arguing that the story of race cannot
be fully separated from the story of economic conditions. We find that both racial attitudes
and economic distress at times predict meaningful changes in the likelihood of voting and
voting for Donald Trump, but that these relationships are not constant across different racial
sub-groups of the electorate. In particular, while both factors are associated with two-party
vote choice among white voter file-matched survey respondents, these constructs are more
strongly associated with participation in the two-party contest among their black and Latinx

counterparts.



Relevant Literature

There are good reasons to believe that economic distress played a significant role in the
outcome of the 2016 election. In line with fundamental findings in political science (Lewis-
Beck and Paldam 2000), voters dissatisfied with the state of the U.S. economy could have
punished the incumbent Democratic Party by voting for its opponents. Economic distress
has also been tied to decreased propensity to vote (McCartney 2017), which could also have
contributed to Trump’s victory if disproportionately Democratic-leaning citizens did not vote
as a result of poor economic circumstances. The macro-level literature provides support for
the claim that economic troubles can drive support for far-right parties (Funke, Schularick,
and Tresch 2015). Research on trade shocks has also found evidence of vote shifts driven by
economic forces (Dippel, Gold, and Heblich 2016; Autor et al. 2017; Malgouyres 2017).!

There is also a wide array of evidence showing that racial attitudes, coupled with the
heightened salience of race in U.S. politics, played a crucial role in organizing public attitudes
toward Donald Trump as a candidate (Sides, Tesler, and Vavreck 2017). In this frame, Trump
represents an acceleration of pre-existing trends in racial attitude polarization (Tesler 2016),
as partisans continue to sort along this dimension (Drutman 2016). Trump’s more aggressive
positioning on the issue of immigration than recent Republican candidates drove the parties
to sort along these lines as well (Gimpel 2017; McDaniel and McElwee 2017). Extending this
area of analysis, Diana Mutz (2018) finds that status threat — a construct that, among other
things, includes immigration attitudes, domestic prejudice, and perceptions of discrimination
against high-status groups — strongly predicted support for Donald Trump, while pocketbook
economic indicators did not.

Work that has explicitly tested economic or otherwise materialist hypotheses for Trump
support at the individual level has shown mixed results. Voters who expressed favorable

views toward him before the election were no more likely to be unemployed or face labor

L For another perspective on the far right, see Ivarsflaten (2007), who centers anti-immigrant racism,
rather than economic grievances, in the rise of the far right.



competition through trade or immigration, and had relatively high household incomes (Roth-
well and Diego-Rosell 2016). Nevertheless, that same study found that voters with favorable
views toward Trump were more likely to live in geographic areas with worse health outcomes
and a higher reliance on income from the Social Security Administration. Furthermore, Bor
(2017) found that the rate of increase in life expectancy between 1985 and 2010 was nega-
tively correlated with Donald Trump’s vote share at the county level — that is, counties that
saw slower or even negative growth in life expectancy over the past few decades saw larger
Republican shifts in two-party vote share between 2008 and 2016. Finally, Healy and Lenz
(2017) found that counties that experienced slower wage growth over the course of 2016 saw
greater shifts toward Donald Trump than counties that experienced higher wage growth, all
else equal.

In the vast majority of this work, the outcome variable is either favorability toward or a
binary vote for/against Donald Trump. However, presidential elections in the United States
allow for more than two behaviors: citizens vote for the Democratic candidate, the Republi-
can candidate, a minor party candidate, or not at all. Focusing on major party vote choice
alone can obscure other factors that may have played a role in the outcome of the election
through their relationship with participation in the two-party contest. Recent research on
campaign tactics suggests that campaigns view mobilization as a more effective path to vic-
tory than persuasion (Panagopoulos 2016). This view is supported by recent research on
election outcomes, which finds that differential turnout rates are more consequential than
persuasion (Hill 2016). Consistent with this view, a wide range of research has found that
campaigns struggle to generate meaningful persuasion effects (Kalla and Broockman 2017).

Generally speaking, there are good reasons to suspect that understanding patterns in
voter turnout are crucial for our understanding of the 2016 election. According to the
American National Election Studies 2016 survey, which has matched respondents to voter
file records going back to 2012, only 31 percent of individuals who identify as Democrats

voted in all three elections between 2012 and 2016, as well as 16 percent of Independents



and 40 percent of Republicans. But only 7 percent of Democrats voted for Trump in 2016
and only 8 percent of Republicans voted for Clinton. This suggests that there is far more
within-voter variation in turnout than in vote choice, which could have implications for our
understanding of the role economic conditions played in the election. Regardless of the extent
to which economic distress was (or was not) associated with support for Donald Trump in
2016, it may be the case that some groups of economically distressed voters were less likely
to vote at all. If economic distress was more likely to discourage Democratic-leaning voters
from participation in the two-party contest, then we could observe higher aggregate two-
party vote share for Donald Trump in areas with poor economic conditions with or without
any relationship between economic distress and affirmative Trump support.

It is also clear that economic conditions and racial attitudes are complex and may interact
in important ways that vary across different groups of potential voters. As McCall and Orloff
(2017) argue, Donald Trump’s campaign rhetoric constructed a particularly “American”
identity through “a certain kind of unabashed intersectionality, targeting whiteness plus
economic decline in male dominated fields.” In this view, Trump’s appeals to “working
class white” voters activated both their working class and white identities, linking economic
issues to investment in racial hierarchies. To the extent that racial attitudes and economic
conditions are intertwined (particularly among the predominantly white voters to whom
Trump was appealing), they will be difficult to isolate and compare. This being the case, it
may not be appropriate to pit these constructs against one another and ask which one had
larger marginal effects on the electorate. Instead, it seems more appropriate to investigate
the contexts in which each construct was associated with particular political behaviors.

This dynamic is difficult to adequately measure, which likely contributes to its relative
inattention in the quantitative literature. The vast majority of data implicated by the range
of relevant voting behaviors — whether people voted, which candidate they preferred, their
racial attitudes, and their economic conditions — are often collected using surveys, and differ-

ent survey questions carry different degrees of reliability for different operationalizations of



different constructs. Voting is socially desirable, and so aggregate measures of self-reported
voter turnout are likely to include a large and non-random subset of respondents who inac-
curately claim to have voted (Silver, Anderson, and Abramson 1986; Bernstein, Chadha, and
Montjoy 2001; Ansolabehere and Hersh 2012). By extension, small to medium-sized surveys
will not include large enough numbers of self-reported non-voters and minor party voters —
especially among racial minorities — to establish meaningful relationships between politically
relevant variables and those specific voting behaviors. In a similar vein, self-reported per-
ceptions of economic conditions are in many cases entangled with political attitudes (Groe-
nendyk 2015), with members of the party that is out of power reporting worse economic
conditions (Evans and Pickup 2010; Sides and Vavreck 2013) than members of the party
that is in power. This complicates findings showing a correlation between racial attitudes
and evaluations of the state of the national economy (Guo 2016), as they are unlikely to be
robust to changes in political conditions.?

We address both of these measurement issues by augmenting a large-n survey of politi-
cal attitudes and behaviors with objective measures of voter turnout and community-level
economic conditions. Using the 2016 CCES, which matches respondents to voter file data
to validate turnout, along with publicly-available economic data at the ZIP code and county
levels, we are able to address survey-based measurement problems associated with voter
turnout and economic conditions.® Additionally, following Masuoka and Junn (2013), we
present findings broken down by racial identification? to account for the possibility that
different factors mattered differently among these different sub-groups of citizens.

Using this ensemble dataset, we find that both racial attitudes and economic conditions

2 To this point, polls conducted before and after the election show perceptions of the state of the economy
among self-identified Republicans dramatically improving immediately after Donald Trump’s victory (Bump
2017). A more detailed consideration of expressive partisanship on retrospective economic questions is
included in the Supplementary Appendix.

3 As the probability of being matched to a voter file, conditional on being registered to vote, varies across
politically relevant dimensions such as race and age (Igielnik et al. 2018), we report results in terms of voter
file-matched respondents, as opposed to registered voters.

4 The CCES asks respondents which singular racial group best describes them, with a followup item asking
whether they also identify as Hispanic of Latino. As such, we are unable to fully account for respondents
who hold multi-racial identities.



are significantly associated with voting behavior in 2016. However, we also find that among
different racial sub-groups, different factors are at times associated with different behaviors.
These findings make clear the difficulty of directly comparing racial attitudes and economic
distress as explanations for the outcome of the 2016 election, or attributing Donald Trump’s

election to one as opposed to the other.

Data

The bulk of our analysis relies on the 2016 Cooperative Congressional Election Study (CCES),
which includes 64,600 pre-election responses collected between September 28 and November
7 and post-election responses collected between November 9 and December 14 (Ansolabehere,
Schaffner, and Luks 2017). In order to test hypotheses concerning community level economic
distress, we merge the CCES with ZIP code-level data publicly available from the IRS for
years 2013 through 2015, along with 2012, 2015 and 2016 county-level data on average weekly
wages from the Quarterly Census of Employment and Wages. 495 CCES respondents are
discarded from this merge due to not having a matching ZIP code and an additional 67 did
not have a matching county, resulting in a set of 64,038 observations.

The 2016 CCES includes validated voter turnout for the 2016 election, with a match
rate of nearly 70 percent. Following the recommendation of Ansolabehere and Hersh (2012),
we treat unmatched respondents as if they did not vote, since the most likely (albeit not
the only) reason for not matching to a voter file is not being registered. To account for
systematic non-response to particular survey questions, such as those dealing with racial
attitudes and family income, we impute remaining missing values using the MICE package
in R (van Buuren and Groothius-Oudshoorn 2011).°

Our primary independent variables of interest were operationalized in specific ways that

warrant brief discussion:

5 We compare the models presented below to alternate versions specified on the original, non-imputed
data in the Method Comparison section of the Supplementary Appendix. Differences between the models
are negligible, and do not substantively change our results.



Racial Attitudes: The 2016 CCES includes four questions about racial attitudes, re-
ferred to by the authors of the questions, Christopher DeSante and Candis W. Smith, as
FIRE (Fear, acknowledgement of Institutional Racism and Empathy). DeSante and Smith
developed the battery in a 2015 working paper in which they examine 45 questions, “nine
questions that measure racial resentment, five that we believe to proxy conservative ideol-
ogy, sixteen questions that measure color-blind racial attitudes and finally fifteen items that

Y

measure the psycho-social costs of racism to Whites.” For the nine resentment questions,
the authors use both explicit racial resentment (5 questions) and the four traditional racial
resentment questions typically included on the ANES, as well as measures of old-fashioned
racial prejudice, which include comparisons of white and black people on propensities toward
violence, trustworthiness, work ethic, and intelligence. The authors then regress the newer
measures against the old-fashioned racial attitudes, and generate a heatmap showing the
relationships. They argue that racism primarily occurs along two dimensions — one empa-
thetic and one cognitive — and produce a four-item battery with different questions designed
to capture each.

The four items, with which respondents are asked to indicate the extent to which they

agree (1 = strong agreement, 5 = strong disagreement), are:

e [ am angry that racism exists.

White people in the U.S. have certain advantages because of the color of their skin.

I am fearful of people of other races.

Racial problems in the U.S. are rare, isolated situations.

The items correlate well with earlier measures of racial attitudes, and are associated with
issue attitudes regarding amnesty, affirmative action, and repeal of the Affordable Care Act.
They also predict 2012 voting behavior. In analysis, responses to these items predict vote
choice at similar levels of efficiency as responses to the racial resentment battery.

Following DeSante and Smith, who note that each of the four items are designed to tap

into distinct aspects of the ways in which white Americans think about race, we do not add



them into a scale and instead treat each item separately in our analysis.

Economic Distress: We test multiple measures of individual and community-level eco-
nomic distress. Some scholars have argued that community-level economic conditions will be
more strongly associated with voting behavior (Feldman 1982; Kinder, Adams, and Gronke
1989) than individual economic distress. However, Kramer (1983) points out that changes
in an individual’s financial circumstances can be affected by politically relevant factors such
as government policy as well as politically irrelevant factors such as exogenous shocks or
life cycle considerations (retirement, for example) — and that for this reason one should not
necessarily expect economic voting to be purely sociotropic. While our dataset does not al-
low us to fully address the aggregation problems laid out in Kramer’s article, we are able to
address some of these concerns using the data we have available. These approaches to oper-
ationalizing economic distress are discussed briefly below, and further in the Supplementary
Appendix.

Aside from a baseline measure of family income, the CCES includes two main items that
could be interpreted as tapping into individual-level economic distress: a general question
asking the respondent whether their household’s income increased, decreased, or stayed the
same in the previous four years; and a specific question asking whether the respondent lost
a job in the previous four years. The survey also includes a question asking the respondent
whether the national economy has gotten better or worse in the previous year. As discussed
in greater detail in the Supplementary Appendix, there is reason to believe that these general
economic items — regarding both the state of the national economy and household income
trends — reflect some degree of partisan expressive responding, while the specific question
regarding job loss does not. For this reason, we use the job loss item to operationalize

personal economic distress in our models.”

6 We discuss an alternate specification of our models in which three of these items are scaled to create
one “Denial of Racism” variable in the Testing a Scale for the FIRE Battery section of the Supplementary
Appendix.

7 We acknowledge that this is not the only form of economic distress an individual can experience, and
citizens who lose their job do not necessarily tie this experience to politics.



To operationalize economic distress at the community level, we draw inspiration from
Healy and Lenz (2017), who find that decreases in county-level average weekly wages from
the first to third quarter of 2016 were associated with increases in county-level support for
Donald Trump.® Healy and Lenz also find that foreclosures were positively associated with
Trump support at the ZIP code level in California. ZIP codes may more closely approximate
the “community” level than counties, which are often large enough to contain multiple
communities with highly variable economic conditions. While ZIP code-level foreclosure data
is not available nationally, we use the IRS’s Statistics of Income database to operationalize
economic distress at this geographic level, calculating the percentage of tax returns in each
respondent’s ZIP code that reported receiving income from Unemployment Insurance or the
Earned Income Tax Credit in 2015.° Models reported in the main body of the paper use
2015 ZIP Unemployment Insurance receipt to operationalize community economic distress;
specifications using other operationalizations are included in the Supplementary Appendix,

and lend themselves to substantively similar interpretations.

Economic Distress and 2016 Voting Behavior: Descriptive Analysis

To begin, we explore cross-tabulations of demographics, economic indicators, policy views,
and racial attitudes as they pertain to 2016 voting behavior. Respondents are weighted
using the CCES’s vote-validated post-election weights, and are based on the subset of CCES

respondents who matched to a voter file.

Economic Distress: We first examine how voting behavior varied across different dimen-
sions of individual and local economic distress, beginning with self-reported family income.
As Figure 1 shows, in line with previous literature (Rosenstone 1982), lower-income respon-

dents were much less likely to vote than respondents with higher family incomes. Interest-

8 We use differenced wage indicators both in order to match Healy and Lenz, and in order to account for
local variation in nominal wage levels that are tied to variation in cost of living.
9 This is both the latest year available at the time of writing and the last full year before the 2016 election.
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ingly, as Figure 1 also shows, while Hillary Clinton’s vote share increases at a modest but
consistent rate as income increases, Donald Trump received a lower share of the vote at both
the low and high ends of the income spectrum.

2016 Voting Behavior Among Voter File-Matched Respondents by Family Income
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Figure 1: Distribution of 2016 Voting Behavior by Family Income

Next, we examine patterns in turnout and vote choice between those who did and did not
lose a job in the previous four years. These patterns suggest that Hillary Clinton received
less support among those who lost a job during President Obama’s second term. However,
as Figure 2 shows, this penalty mostly took the form of not voting, rather than voting for
Donald Trump — even among white respondents.

Examining local economic conditions, starting with county-level percent changes in aver-
age weekly wages in Figures 3 and 4, tells a similar story. Broadly speaking, Hillary Clinton
did better in areas with strong county wage trends and Donald Trump did better in areas
with weaker county wage trends. However, breaking these trends down by racial sub-group
shows that these effects are largely driven by two factors: First, within racial sub-groups,
variation in county wage trends are only clearly associated with variation in two-party vote

choice among white respondents; second, between racial sub-groups, a greater share of white
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Difference in Voting Behavior by Race and Four Year Employment
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Figure 2: Differences in 2016 Voting Behavior by Race and Four-Year Employment

respondents live in counties experiencing poor wage growth while a greater share of non-white

respondents live in counties with strong wage growth.

2016 Voting Behavior Among Voter File-Matched Respondents by County Wage Growth
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Figure 3: Distribution of 2016 Voting Behavior by County Wage Trends
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Figure 4: Distribution of 2016 Voting Behavior by County Wage Trends and Race
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Next we look at static economic conditions, starting with the share of tax returns in a
respondent’s ZIP code that reported receiving income from the Earned Income Tax Credit
(EITC), a proxy for the working poor. As Figures 5 and 6 show, respondents who live
in ZIP codes with higher rates of EITC receipt were less likely to vote overall, and were
particularly less likely to vote for Trump. The relationship between ZIP code EITC reliance
and non-voting was relatively consistent across racial groups. Notably, while there appears
to be a slight trend between local share of working poor and Trump voting among white
respondents, even among this sub-group, non-voting accounts for much more of Clinton’s
decline in vote share along this dimension. We also note differences in the share of each
racial group living in ZIP codes with different levels of EITC reliance. More than half of
black respondents, and nearly half of Latinx respondents, live in ZIP codes that are in the
top quartile of EITC reliance.

2016 Voting Behavior Among Voter File-Matched Respondents by ZIP EITC Reliance
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Figure 5: Distribution of 2016 Voting Behavior by Share of ZIP Receiving EITC
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2016 Voting Behavior Among Voter File-Matched Respondents by EITC Reliance and Race
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Figure 6: Distribution of 2016 Voting Behavior by Share of ZIP Receiving EITC and Race
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No clear trends emerge when 2016 voting behavior is cross-tabulated by ZIP-level Un-

employment Insurance reliance and race, as shown in Figures 7 and 8.

2016 Voting Behavior Among Voter File-Matched Respondents by ZIP Unemployment Insurance Reliance
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Figure 7: Distribution of 2016 Voting Behavior by Share of ZIP Receiving Unemployment
Insurance
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2016 Voting Behavior Among Voter File-Matched Respondents by Unemployment Insurance Reliance and Race
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Finally, we find that the bivariate relationship between racial attitudes and voting behav-
ior is consistent across local economic contexts. As Figure 9 shows, Clinton won essentially
the same share of respondents who agree that white people have certain advantages due to
the color of their skin in ZIP codes with the lowest and highest shares of tax returns reporting
Unemployment Insurance income in 2015.1° Trump won the vast majority of respondents
who disagree that white people have such advantages across all levels of Unemployment In-
surance receipt and, if anything, won a slightly higher share of these voters in ZIP codes

where the lowest shares of tax returns reported receiving Unemployment Insurance in 2015.

2016 Voting Behavior Among Voter File-Matched Respondents
By Local Unemployment and Acknowledgement of White Advantage
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Figure 9: Voting Behavior by Local Unemployment and Acknowledgement of White Advan-
tage

10 Figure 9 shows this relationship for one of the FIRE battery items. Corresponding figures for all four
FIRE battery items are presented in Tables A.5 through A.8 of the Supplementary Appendix.
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Model Specification

Moving beyond descriptive analyses, we specify multinomial logistic regressions with the
dependent variable being an unordered category that takes four possible outcomes: voting
for Hillary Clinton, voting for Donald Trump, voting for a minor party candidate, or not
voting. Following Masuoka and Junn (2013), who note that members of different racial
groups experience politics in fundamentally different ways in the United States, models
reported here are subsetted to vote file-matched respondents who identify as white, black,
Latinx, or Asian, respectively.!!

Our primary independent variables of interest are responses to the four FIRE scale items
and the percent of 2015 tax returns in each respondent’s ZIP code that reported receiving Un-
employment Insurance. Additionally, we control for partisan and ideological identification,
living in a swing state,!? the share of the state’s voting age population that was disen-
franchised due to a felony conviction,'® gender, age, sexual orientation and gender identity,
college degree, family income, and whether the respondent identifies as a born-again Chris-
tian. Age is centered at its mean and divided by its standard deviation. Family income and

2015 ZIP Unemployment are logged to account for non-normality in their distributions.

11 We thank an anonymous reviewer for highlighting Masuoka and Junn’s work and suggesting this ap-
proach.

12 We classify Arizona, Colorado, Florida, Iowa, Michigan, Nevada, New Hampshire, North Carolina,
Ohio, Pennsylvania, Virginia, and Wisconsin as swing states. This set is based on eleven states originally
identified by POLITICO in June of 2016 as pivotal states, with the addition of Arizona due to the Clinton
campaign’s investment there. We do not define swing states based on actual competitiveness or eventual
popular vote margins, rather seeking to reflect the conventional wisdoms that could plausibly affect voters’
participation in the two-party contest.

13 These estimates are primarily drawn from Uggen, Larson, and Shannon (2016), with the District of
Columbia’s disenfranchisement rate set equal to its felony incarceration rate (DC does not disenfranchise
felons outside of prison) and Virginia’s disenfranchisement rate set equal to zero in light of then-Governor
Terry McAuliffe’s executive actions restoring voting rights to all ex-felons in the state. While our decision to
subset our models to voter file-matched respondents by definition excludes those who are directly affected by
felon disenfranchisement laws, we include this metric as a control variable in light of prior literature, which
has found that felon disenfranchisement laws can indirectly affect the propensity to vote among friends and
family of those who are directly barred from voting due to a felony conviction (Weaver and Lerman 2010;
Burch 2014). Alternate variables used to operationalize state-level voting regulations are considered in Tables
A.14 and A.15 of the Supplementary Appendix.
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Results

Results for each model specification, subsetted to voter-file matched respondents who identify
as white, black, Latinx, and Asian, are shown in Tables 1 through 4, respectively. These
results are pooled from models specified across each of the five imputed datasets. As 134
respondents did not report their race and were each assigned to at least two racial groups
across the five rounds of imputation, we report the average number of respondents included
in each specification. Political identity variables — partisanship and ideology — are included
in the model as factor variables and are omitted from the regression tables in the main body
of the paper for length; versions of these tables with these coefficients shown are in Appendix
Tables A.18 through A.21. In all cases, the reference category is voting for Clinton.

As the FIRE battery and economic distress variables do not share a common scale and
do not have clearly identifiable baselines, we do not directly compare them here. Referring
back to concerns raised by Kramer (1983), we also acknowledge that job loss and local
unemployment can both represent a mixed bag of economic phenomena — some of which
voters tie to politics, and some of which they do not — and this could lead our models
to underestimate the extent to which economic distress is associated with voting behavior
among those who do attribute such distress to decisions made by political leaders.

Table 1 outlines the relationships that racial attitudes and economic distress had with
2016 voting behavior among white voter file-matched respondents. This carries a McFadden’s
pseudo-R? of .374, indicating a very good improvement in fit over a null model (McFadden
1974). As the coefficients and risk ratios indicate, all four of the FIRE battery items, and both
of the economic distress variables, are associated with significant changes in the likelihood
of voting for Donald Trump as opposed to Hillary Clinton among white voter file-matched
respondents in their expected directions. In many but not all cases, and to slightly lesser
extents, these variables are also associated with changes in the likelihood of not voting as
opposed to voting for Hillary Clinton.

In substantive terms, holding all else constant, a one unit movement in the racially
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conservative direction (disagreement) on the first FIRE battery item, anger that racism
exists, is associated with nearly a 36% increase in the relative likelihood that a white vote-
validated respondent reported voting for Trump over Clinton, a 24% increase in the relative
likelihood that they didn’t vote relative to voting for Clinton, and a 27% increase in the
relative likelihood that they reported voting for a minor party candidate as opposed to
Clinton. A one unit movement in the racially conservative direction (disagreement) on the
second FIRE battery item, acknowledgement that white people have certain advantages due
to the color of their skin, is associated with even higher relative likelihoods of voting for
Trump, not voting, or voting for a minor party candidate relative to voting for Clinton
— 82% and 44% and 19%, respectively. For the third and fourth FIRE battery items, a
one unit increase in disagreement points in the opposite direction. Unit changes indicating
weaker agreement /stronger disagreement with the statement that “I am fearful of people of
other races” are associated with roughly 10% and 9% reductions in the relative likelihoods
of voting for Trump or not voting instead of voting for Clinton, respectively, while being
associated with an eight percent increase in the relative likelihood of voting for a minor
party candidate. Finally, weaker agreement /stronger disagreement with the statement that
racial problems in the United States are rare, isolated situations is associated with 24%,
16%, and 20% declines in the relative likelihood of voting for Trump, not voting, and voting
for a minor party candidate, respectively, relative to voting for Clinton.

Turning to the economic distress variables, we find that a one unit increase in the logged
share of a white voter file-matched respondent’s ZIP code that reported receiving Unem-
ployment Insurance in 2015 is associated with an 12% increase in the relative likelihood that
they reported voting for Trump over Clinton. This change is also associated with a 10%
increase in the predicted probability of not voting, relative to voting for Clinton. Holding all
else constant, losing one’s job in the previous four years is associated with a 15% increase in
the relative likelihood of voting for Trump, a 16% increase in the relative likelihood of not

voting and a 21% increase in the relative likelihood of voting for a minor party candidate,
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relative to voting for Clinton.

Table 1: Predictors of 2016 Voting Behavior Among White Voter File-Matched Respondents

Variable Trump Rel. Risk Nonvote Rel. Risk Minor Rel. Risk
(Intercept) -4.124  0.016* 0.355 1.425 -2.903  0.055*
(0.275) (0.198) (0.277)

FIRE Battery (Disagree)
Angry Racism Exists  0.307 1.359* 0.211 1.235% 0.242 1.274%*

(0.03) (0.028) (0.036)

White Advantage 0.596 1.815* 0.362 1.436* 0.17 1.186*
(0.021) (0.02) (0.026)

Fearful of Other Races -0.108  0.898* -0.092 0.912* 0.078 1.081%*
(0.021) (0.019) (0.026)

Racial Problems Rare -0.276  0.759* -0.18 0.835* -0.223  0.8*
(0.023) (0.022) (0.027)

Economic Distress

log(2015 71P UI) 0.11 1.116%* 0.097 1.102* 0.015 1.015
(0.035) (0.031) (0.042)

Lost Job 0.135 1.145* 0.15 1.161* 0.191 1.21%*
(0.068) (0.055) (0.076)

State Controls

Swing State -0.068  0.935 -0.292 0.747* -0.345  0.708*
(0.045) (0.039) (0.055)

%Disenfranchised 0.015 1.015 0.032 1.033* -0.03 0.97*
(0.008) (0.007) (0.01)

Baseline Controls

Female -0.033  0.967 -0.265 0.767* -0.223  0.8*
(0.045) (0.038) (0.055)

Age 0.138 1.147* -0.743 0.475* -0.461  0.631%*
(0.024) (0.02) (0.029)

LGBT -0.313  0.731* -0.149 0.861* -0.343  0.71*
(0.09) (0.062) (0.094)

Born Again 0.588 1.801% 0.374 1.454* 0.406 1.501%*
(0.056) (0.051) (0.071)

College -0.567 0.567* -0.818 0.442* 0 1
(0.05) (0.042) (0.057)

log(Fam. Inc.) 0.013 1.013 -0.196  0.822%* -0.059  0.942*
(0.023) (0.019) (0.028)

Political Identity Controls

Party ID Yes

Ideology Yes

Avg. N 33612.6

McFadden R? 374

Reference category = vote Clinton; standard errors in parentheses; * denotes p < .05

22



Results from our model specified on black voter file-matched respondents are reported in
Table 2. As there was less variation in black voting behavior than there was in white voting
behavior, this model does not improve fit over a null model by as much as was the case for
white respondents, and the McFadden’s pseudo-R? here is .176. Broadly speaking, we find
that racial attitudes and economic distress are both significantly associated with black voter
file-matched respondents’ voting behavior in the 2016 election in some cases, but that these
relationships are different than they are for white respondents.

Responses to the second and fourth FIRE battery items predict similar changes in the
relative likelihood of voting for Donald Trump over Hillary Clinton as they do for white re-
spondents, in keeping with previous findings that people of color can at times adopt dominant
racial ideologies (Bonilla-Silva 2014 [1997]). However, in only one instance is disagreement
with any of these items (acknowledgement of white advantage) associated with the relative
likelihood of not voting as opposed to voting for Hillary Clinton. Additionally, the coefficient
for the third FIRE battery item, fear of other races, is never statistically distinguishable from
zero among this subset of respondents. This is likely to be expected given that, while the
other three FIRE battery items deal with more abstract concepts that can plausibly be ap-
plied by members of any racial sub-group, “other races” by definition means different things
to respondents in different racial sub-groups.

Additionally, we note that the intercept for Trump voting among this subset of respon-
dents is lower than it is for white voter file-matched respondents, and black and white
respondents differ on other relevant dimensions (namely, partisan identification). This being
the case, similar increases in the relative likelihood of voting for Trump over Clinton do
not translate into similar increases in the absolute likelihood of making this selection, and
we would caution against interpreting these results as evidence that meaningful numbers
of racism-denying black citizens voted for Donald Trump. As we will show below, racially
conservative beliefs among black respondents are not associated with a substantively large

predicted probability of actually voting for Donald Trump — even if this predicted probability
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is higher than it is for racially liberal black respondents.

Similarly, we find that economic distress among black voter file-matched respondents
carries different relationships with their voting behavior than it does for their white coun-
terparts. Living in areas with higher local unemployment is significantly associated with
increases in the predicted probability of voting for Trump (though, again, this does not
translate into substantively large predicted probabilities in absolute terms), and the coeffi-
cient for job loss and Trump voting is both noisy (with a high absolute value that is still
less than two standard errors from zero) and negative, indicating that, if anything, black
respondents who lost a job in the previous four years were less likely to vote for Trump, rel-
ative to voting for Clinton. Moreover, local unemployment is more strongly associated with
non-voting for black respondents than it is for white respondents, with a log-unit increase in
the share of a black respondent’s ZIP code that reported Unemployment Insurance in 2015
being associated with a 25% increase in the relative likelihood that the respondent would

not vote, as opposed to voting for Clinton.
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Table 2: Predictors of 2016 Voting Behavior Among Black Voter File-Matched Respondents

Variable Trump Rel. Risk Nonvote Rel. Risk Minor Rel. Risk

(Intercept) -4.604  0.01%* 1.054 2.868%* -4.642  0.01*
(1.244) (0.425) (1.151)

FIRE Battery (Disagree)

Angry Racism Exists ~ 0.219 1.245 -0.032 0.968 0.155 1.167
(0.128) (0.074) (0.138)

White Advantage 0.316 1.372% 0.166 1.181% -0.005  0.995
(0.115) (0.068) (0.139)

Fearful of Other Races 0.142 1.153 0.015 1.015 0.15 1.162
(0.108) (0.033) (0.096)

Racial Problems Rare -0.289  (.749* -0.07 0.932 0.116 1.122
(0.097) (0.051) (0.123)

FEconomic Distress

log(2015 ZIP UI) 0.532 1.703* 0.226 1.254%* 0.324 1.382
(0.23) (0.065) (0.24)

Lost Job -0.583  0.558 0.131 1.14 0.364 1.439
(0.345) (0.086) (0.252)

State Controls

Swing State -0.085  0.919 -0.026 0.974 -0.319  0.727
(0.22) (0.066) (0.224)

%Disenfranchised -0.002  0.998 0.022 1.023* 0.023 1.023
(0.04) (0.011) (0.038)

Baseline Controls

Female -0.407  0.666 -0.175 0.84* -0.151  0.86
(0.212) (0.067) (0.209)

Age 0.047 1.048 -0.676 0.508%* -0.355  0.701*
(0.125) (0.037) (0.117)

LGBT -0.08 0.923 -0.094 0.911 0.363 1.437
(0.484) (0.15) (0.337)

Born Again 0.417 1.517 0.077 1.08 0.052 1.054
(0.216) (0.064) (0.213)

College -0.502  0.606* -0.54 0.583%* 0.234 1.263
(0.236) (0.07) (0.211)

log(Fam. Inc.) 0.125 1.133 -0.112 0.894* 0.059 1.061
(0.099) (0.027) (0.093)

Political Identity Controls

Party ID Yes

Ideology Yes

Avg. N 5298.4

McFadden R? 176

Reference category = vote Clinton; standard errors in parentheses; * denotes p < .05
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Results for our model specified on Latinx voter file-matched respondents are reported in
Table 3. This model explains more fit relative to a null model than the one specified on black
respondents, carrying a McFadden’s pseudo-R? of .269. Here, we find that the first, second,
and fourth FIRE battery items explain variation in Latinx two-party vote choice relative to
voting for Clinton, while the second and fourth are significantly associated with turning out
to vote. However, as was the case for black respondents, the fear of other races item is not
meaningfully associated with any voting behavior among Latinx respondents.

Furthermore, we do not find significant evidence that economic distress was meaningfully
associated with changes in voting behavior among Latinx voter file-matched respondents. In
some cases, the coefficients for these variables are large, but they are noisy, never falling

more than two standard errors away from zero.
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Table 3: Predictors of 2016 Voting Behavior Among Latinx Voter File-Matched Respondents

Variable Trump Rel. Risk Nonvote Rel. Risk Minor Rel. Risk

(Intercept) -5.093  0.006* 0.32 1.377 -3.708  0.025*
(0.902) (0.473) (1.043)

FIRE Battery (Disagree)

Angry Racism Exists  0.302 1.353%* 0.147 1.159 -0.095  0.909
(0.102) (0.078) (0.145)

White Advantage 0.53 1.699* 0.19 1.21% 0.177  1.194
(0.075) (0.054) (0.097)

Fearful of Other Races -0.005  0.995 -0.043 0.958 0.006 1.006
(0.073) (0.045) (0.089)

Racial Problems Rare -0.23 0.795* -0.123 0.885* -0.007  0.993
(0.074) (0.049) (0.1)

FEconomic Distress

log(2015 ZIP UI) -0.063  0.939 0.063 1.065 0.148 1.159
(0.161) (0.096) (0.202)

Lost Job 0.348 1.416 0.192 1.212 0.038 1.039
(0.219) (0.125) (0.268)

State Controls

Swing State 0.102 1.107 -0.256 0.774%* 0.07 1.072
(0.208) (0.125) (0.249)

%Disenfranchised -0.025  0.976 0 1 -0.029  0.971
(0.031) (0.019) (0.039)

Baseline Controls

Female -0.269  0.764 -0.207 0.813* -0.127  0.881
(0.161) (0.096) (0.199)

Age 0.206 1.228* -0.584 0.558%* -0.421  0.656*
(0.093) (0.055) (0.117)

LGBT 0.138 1.148 -0.028 0.972 -0.341  0.711
(0.295) (0.148) (0.368)

Born Again 0.157 1.17 0.216 1.241 0.595 1.814%*
(0.182) (0.121) (0.225)

College 0.073 1.076 -0.615 0.541%* -0.169  0.845
(0.17) (0.106) (0.212)

log(Fam. Inc.) 0.076  1.079 -0.092 0.912 0.071  1.074
(0.084) (0.048) (0.102)

Political Identity Controls

Party ID Yes

Ideology Yes

Avg. N 2994.8

McFadden R? 269

Reference category = vote Clinton; standard errors in parentheses; * denotes p < .05
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Finally, we present the results of our model specified on Asian voter file-matched re-
spondents in Table 4. This model carries a similar fit to the model specified on Latinx
respondents, and explains a good amount of variation in Asian voting behavior relative to a
null model.

Racial attitudes and economic distress are not consistently associated with 2016 voting
behavior among Asian voter file-matched respondents, with only one coefficient for one
outcome along these constructs reaching conventional levels of statistical significance. Each
additional unit of disagreement with the idea that white people have advantages due to the
color of their skin was associated with a 55% increase in the relative likelihood of Asian voter-
file matched respondents voting for Trump. Age, education, gender, religion, and household

income are also significantly associated with at least one outcome among this subset.
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Table 4: Predictors of 2016 Voting Behavior Among Asian Voter File-Matched Respondents

Variable Trump Rel. Risk Nonvote Rel. Risk Minor Rel. Risk

(Intercept) -3.347  0.035* 0.536 1.709 -4.393  0.012*
(1.692) (0.89) (1.982)

Fire Battery (Disagree)

Angry Racism Exists ~ 0.289 1.336 0.145 1.156 0.017 1.018
(0.173) (0.127) (0.228)

White Advantage 0.44 1.553%* 0.183 1.201 0.053 1.055
(0.14) (0.103) (0.188)

Fearful of Other Races 0.028 1.028 -0.057 0.945 0.18 1.198
(0.133) (0.072) (0.145)

Racial Problems Rare -0.242  0.785 -0.16 0.852 0.203 1.225
(0.136) (0.094) (0.189)

FEconomic Distress

log(2015 ZIP UI) 0.259 1.296 -0.147 0.864 0.306 1.357
(0.314) (0.177) (0.355)

Lost Job 0.227 1.254 0.085 1.089 0.099 1.104
(0.408) (0.235) (0.469)

State Controls

Swing State -0.039  0.962 -0.115 0.891 -0.745  0.475
(0.371) (0.209) (0.495)

%Disenfranchised -0.031  0.97 -0.052 0.95 -0.105 0.9
(0.066) (0.041) (0.107)

Baseline Controls

Female 0.123 1.131 -0.375 0.687* 0.104 1.109
(0.275) (0.162) (0.329)

Age 0.331 1.392 -0.699 0.497* -0.331  0.718
(0.171) (0.101) (0.202)

LGBT -0.489  0.613 -0.278 0.757 -0.445  0.641
(0.635) (0.27) (0.573)

Born Again 0.923 2.517* 0.269 1.309 0.258 1.294
(0.345) (0.254) (0.482)

College 0.147 1.159 -0.137 0.872 -0.525  0.591
(0.303) (0.178) (0.355)

log(Fam. Inc.) -0.029  0.972 -0.338 0.713* 0.306 1.358
(0.179) (0.087) (0.254)

Political Identity Controls

Party ID Yes

Ideology Yes

Avg. N 1069.2

McFadden R? 264

Reference category = vote Clinton; standard errors in parentheses; * denotes p < .05
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Visualizing Substantive Effects

Selected visualizations of predicted probabilities associated with changes in racial attitudes
and economic distress are shown in Figures 10 through 15. These probabilities are generated
by re-specifying the model on 200 resamples of each of the five imputed datasets and predict-
ing outcomes associated with different values of key independent variables of interest, with all
other independent variables held at the medians for their racial sub-group except for swing
state, which is set to 1.1* This generates 1000 bootstraps from which we take the 2.5th and
97.5th percentile of each probability to generate prediction intervals. In cases where all four
outcomes across all four racial sub-groups are not shown, this is in order to highlight partic-
ular outcomes among particular subgroups, and corresponding plots with all outcomes for all
sub-groups are shown in the Model Visualizations section of the Supplementary Appendix.

Predicted probabilities associated with changes in responses to the first FIRE battery
item, “I am angry that racism exists,” are shown in Figure 10. Here, we find that among
white voters, more disagreement with the statement is associated with a significantly lower
predicted probability of voting for Clinton and a significantly higher predicted probability
of voting for Trump, with no notable changes in the predicted probability of not voting.
Among Latinx respondents, similar changes in this independent variable are associated with
a lower predicted probability of voting for Clinton (though the prediction intervals are much
wider). However, this move away from Clinton takes the form of slightly higher probabilities
of both voting for Trump and not voting. Finally, this FIRE battery item does not predict
substantive changes in any voting behavior among black voter file-matched respondents, as
their predicted probability of voting for Trump is negligible in all cases.

Predicted probabilities associated with changes in responses to the second FIRE battery
item, “White people in the U.S. have certain advantages because of the color of their skin,”

are shown in Figure 11. Here, we find that the same trends that were present for the first

14 We hold demographic and political variables at their racial group medians, as opposed to their global
medians, to reflect the fact that many key variables such as partisan identification and racial attitudes vary
by race. We report these group median values in Table A.32 of the Supplementary Appendix.
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2016 Voting Behvior by Race and Feelings Toward Racism

Estimates with bootstrapped 95% prediction intervals for respondents in a swing state with all other predictors held at medians for each racial group
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Figure 10: Voting Behavior by Race and Racial Empathy

FIRE battery are even more pronounced. White voter file-matched respondents who strongly
agree with this statement are more likely to have voted for Clinton than they are to have
done anything else; white voters who strongly disagree with this statement are more likely
to have voted for Trump than they are to have done anything else; white voters who neither
agree nor disagree with this statement are only slightly more likely to have voted for Trump
than they are to have voted for Clinton, and are most likely to have not voted. As with
the first FIRE battery item, voter file-matched Latinx respondents who deny that whites
have advantages are less likely to have voted for Clinton and more likely to have either voted
for Trump or not voted. A similar, albeit noisier, representation of this trend emerges for
Asian voter file-matched respondents. However, while black voter file-matched respondents
are similarly unlikely to have voted for Trump conditional on changes in this independent
variable as they were in the previous plot, those in this racial sub-group who deny that whites
have advantages are significantly more likely to have not voted, contributing to a decline in
the probability of voting for Clinton.

Predicted probabilities associated with changes in responses to the third FIRE battery

item, “I am fearful of people of other races,” among whites are shown in Figure 12. Here, we
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2016 Voting Behavior by Race and Acknowledgement of White Advantage

Estimates with bootstrapped 95% prediction intervals for respondents in a swing state with all other predictors held at medians for each racial group
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Figure 11: Voting Behavior by Race and Acknowledgement of White Advantage

find that those who strongly agree that they fear people of other races are over ten percentage

points more likely to have voted for Trump; among those who strongly disagree with this

statement, the difference in predicted probabilities between Trump and Clinton voting are

statistically indistinguishable.

2016 Voting Behavior by Fear of Other Races among Whites
Estimates with bootstrapped 95% prediction intervals for respondents in a swing state
All other predictors held at racial group median
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item, “Racial problems in the U.S. are rare, isolated situations,” are shown in Figure 13.
As disagreement with this item indicates racially liberal responses, the trends are reversed
relative to each of the first two FIRE battery items, where greater disagreement corresponds
with racial conservatism. As the predicted probability plot shows, white voter file-matched
respondents who strongly agree that racial problems in the U.S. are rare, isolated situa-
tions are predicted to be more than twice as likely to have voted for Trump than Clinton,
while these probabilities are roughly equal among white voter file-matched respondents who
strongly disagree with this statement. The predicted probability of not voting among white
voter file-matched respondents is essentially unchanged across different values of this FIRE
battery item. However, among the black, Latinx, and Asian sub-groups, greater disagree-
ment with this FIRE battery item is associated with an increased probability of voting —
specifically, for Clinton — though the prediction intervals are wide and for the most part
overlapping for these outcomes.

2016 Voting Behavior by Race and Acknowledgement of Systemic Racism
Estimates with bootstrapped 95% prediction intervals for respondents in a swing state with all other predictors held at medians for each racial group
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Figure 13: Voting Behavior by Race and Acknowledgement of Systemic Racism

Turning to economic distress, we show predicted probabilities associated with changes
in local unemployment among white and black voter file-matched respondents in Figure
14. Here, we find marked differences in the relationship between community level economic

distress and voting behavior among white and black voter file-matched respondents. In
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the white sub-group, those who live in ZIP codes with low shares of residents receiving
Unemployment Insurance have similar predicted probabilities of having voted for Clinton
and Trump; as local unemployment increases, the predicted probability of having voted for
Clinton decreases and the predicted probability of having voted for Trump or having not
voted both increase slightly, with the respondent becoming significantly more likely to have
voted for Trump than Clinton near the middle of the log scale. In the black sub-group, local
unemployment does not predict meaningful changes in the probability of having voted for
Trump. The prediction interval widens very slightly at the extreme high end of the range,
but does not substantively change expectations for Trump support among this group of
respondents. Instead, black respondents in high-unemployment ZIP codes are significantly
less likely to have voted for Clinton due to their being significantly more likely to have not

voted at all.

2016 Voting Behavior by Race and Local Unemployment
Estimates with bootstrapped 95% prediction intervals for respondents in a swing state
All other predictors held at their medians for each racial group
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Figure 14: Voting Behavior by Race and Local Unemployment

Finally, we show how the degree to which personal job loss changes the predicted prob-
ability of voting behavior by racial sub-group by subtracting the estimated probability of
engaging in each type of voting behavior by race and local unemployment among those who

did and did not report losing a job, respectively. While we generally find that voter file-
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matched respondents who reported losing a job in the previous four years were less likely to
vote for Clinton, this penalty was more severe among people of color and was most likely to
take the form of not voting, as opposed to voting for Trump.

Difference in Predicted Voting Behavior by Race, Local Unemployment, and Job Loss

Values calculated by subtracting the median estimates of bootstrapped prediction intervals
Local unemployment and job loss varied, swing state set equal to 1, all other independent variables held at their racial group medians
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Figure 15: Differences in 2016 Voting Behavior by Race, Local Unemployment, and Job Loss

Discussion

Our findings highlight the complex roles that racial attitudes and economic distress played
in organizing voting behavior in the 2016 election. In line with an emerging consensus in the
literature (Sides, Tesler, and Vavreck 2017; Mutz 2018; Schaffner, MacWilliams, and Nteta
2018), racial attitudes are crucial in explaining variation in support for Donald Trump among
white voters. We also find evidence that, after controlling for racial attitudes, economic
distress at the individual and community levels explain additional variation in white voters’
support for Donald Trump. However, we also find that when we expand the scope of analysis
beyond whites” support for Donald Trump, we find different roles for racial attitudes and

economic distress that have not been centered in previous individual-level analyses of the
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2016 election. In particular, we find that for black voter file-matched respondents, higher
local unemployment predicts a lower probability of having voted for Clinton via non-voting,
rather than voting for Donald Trump. Furthermore, people of color who endorse dominant
racial narratives — denying the existence of systemic racism and white privilege — were also
less likely to vote, while endorsement of similar racial narratives more strongly predicted
Trump voting among white respondents.

These findings suggest that local economic conditions cannot be interpreted on their own
when looking at their relationship to U.S. politics. Different sub-groups of voters are likely
to experience different forms of economic hardship, and even when they experience the same
forms of economic hardship they may respond to them differently. Much in the same way,
even though people of color may at times endorse racially conservative sentiments that are
typically associated with whites’ understanding of racial issues on surveys, these responses
may not carry the same relationships with voting behavior in practice.

This paper makes multiple contributions to our understanding of the 2016 election specif-
ically and U.S. politics more generally. Methodologically, it adds depth and nuance to ex-
isting debates regarding the election by leveraging new data that more accurately captures
key constructs of interest, subsetting by racial sub-group, and treating voting behavior as
more than selection between two major party candidates. More importantly, these method-
ological changes allow us to broaden the scope of how and for whom there were associations
between racial attitudes, economic distress, and presidential voting behavior in 2016. In
doing so, it shows that race and economic conditions do not exist as independent stories in
the 2016 election, and should not be directly compared for the purposes of concluding that
one proved more consequential than the other. While racial attitudes are certainly crucial
in explaining support for Donald Trump among white voters, this should not lead observers
to discount personal and local economic conditions as explanatory factors for other forms of
voting behavior among people of color. As our analysis indicates, both racial attitudes and

economic distress mattered in 2016 — but they mattered differently among different subsets
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of the electorate.

37



References

Ansolabehere, Stephen, and Eitan Hersh. 2012. “Validation: What Big Data Reveal About
Survey Misreporting and the Real Electorate”. Political Analysis 20 (4): 437-459.

Ansolabehere, Stephen, Brian Schaffner, and Sam Luks. 2017. Guide to the 2016 Cooperative
Congressional Election Survey. dx.doi.org/10.7910/DVN/GDF6Z0.

Autor, David, David Dorn, Gordon Hanson, and Kaveh Majlesi. 2017. “Importing Political
Polarization? The Electoral Consequences of Rising Trade Exposure”. NBER Working
Paper No. 22637.

Bernstein, Robert, Anita Chadha, and Robert Montjoy. 2001. “Overreporting Voting: Why
It Happens and Why It Matters”. Public Opinion Quarterly 65 (1): 22—-44.

Bonilla-Silva, Eduardo. 2014. Racism without Racists: Color-Blind Racism and the Persis-
tence of Racial Inequality in America. 4th ed. Rowman / Littlefield Publishers.

Bor, Jacob. 2017. “Diverging Life Expectancies and Voting Patterns in the 2016 US Presi-
dential Election”. American Journal of Public Health 107 (10): 1560-1562.

Bracic, Ana, Mackenzie Israel-Trummel, and Allyson Shortle. 2018. “Is Sexism for White
People? Gender Stereotypes, Race, and the 2016 Presidential Election”. Political Behav-
tor: 1-27.

Bump, Philip. 2017. Your view of the economy depends on whether your party controls the
White House. https://www.washingtonpost.com/news/politics/wp/2017/11/07/
your -view- of -the-economy-depends - on-whether-your-party-controls-the-
white-house/. Online; published November 9, 2017.

Burch, Traci. 2014. “Effects of Imprisonment and Community Supervision on Neighborhood
Political Participation in North Carolina”. Annals of the American Academy of Political
and Social Science 651 (1): 184-201.

Coates, Ta-Nehisi. 2017. The First White President. https : //www . theatlantic . com/
magazine/archive/2017/10/the-first-white-president-ta-nehisi-coates/
537909/.

DeSante, Christopher D., and Candis W. Smith. 2017. “Fear, Institutionalized Racism, and
Empathy: The Underlying Dimensions of Whites Racial Attitudes”. Paper presented at
the 2017 meeting of the Midwest Political Science Association.

Dippel, Christian, Robert Gold, and Stephan Heblich. 2016. Globalization and anti-globalisation
voters: Fvidence from Germany. https://voxeu.org/article/globalisation-and-
anti-globalisation-voters-evidence-germany. Online; posted October 7, 2016.

Drutman, Lee. 2016. How race and identity became the central dividing line in American
politics. http://www.vox . com/polyarchy/2016/8/30/12697920/race-dividing-
american-politics. Online; posted 30 August 2016.

Evans, Geoffrey, and Mark Pickup. 2010. “Reversing the Causal Arrow: The Political Con-
ditioning of Economic Perceptions in the 20002004 U.S. Presidential Election Cycle”.
Journal of Politics 72 (4): 1236-1251.

38


dx.doi.org/10.7910/DVN/GDF6Z0
https://www.washingtonpost.com/news/politics/wp/2017/11/07/your-view-of-the-economy-depends-on-whether-your-party-controls-the-white-house/
https://www.washingtonpost.com/news/politics/wp/2017/11/07/your-view-of-the-economy-depends-on-whether-your-party-controls-the-white-house/
https://www.washingtonpost.com/news/politics/wp/2017/11/07/your-view-of-the-economy-depends-on-whether-your-party-controls-the-white-house/
https://www.theatlantic.com/magazine/archive/2017/10/the-first-white-president-ta-nehisi-coates/537909/
https://www.theatlantic.com/magazine/archive/2017/10/the-first-white-president-ta-nehisi-coates/537909/
https://www.theatlantic.com/magazine/archive/2017/10/the-first-white-president-ta-nehisi-coates/537909/
https://voxeu.org/article/globalisation-and-anti-globalisation-voters-evidence-germany
https://voxeu.org/article/globalisation-and-anti-globalisation-voters-evidence-germany
http://www.vox.com/polyarchy/2016/8/30/12697920/race-dividing-american-politics
http://www.vox.com/polyarchy/2016/8/30/12697920/race-dividing-american-politics

Feldman, Stanley. 1982. “Economic Self-Interest and Political Behavior”. American Journal
of Political Science 26 (3): 446-466.

Frasure-Yokley, Lorrie. 2018. “Choosing the Velvet Glove: Women Voters, Ambivalent Sex-
ism, and Vote Choice in 2016”. Journal of Race, Ethnicity, and Politics 3 (1): 3-25.

Funke, Manuel, Moritz Schularick, and Cristoph Tresch. 2015. The political aftermath of fi-
nancial crises: Going to extremes. http://voxeu.org/article/political-aftermath-
financial-crises-going-extremes.. Online; posted November 21, 2015.

Gimpel, James G. 2017. Immigration Policy Opinion and the 2016 Presidential Vote. https:
//cis.org/Report/Immigration-Policy-0Opinion-and-2016-Presidential-Vote.
Online; posted December 4, 2017.

Groenendyk, Eric W. 2015. Competing Motives in the Partisan Mind: How Loyalty and
Responsiveness Shape Party Identification and Democracy. Oxford University Press.

Guo, Jeff. 2016. Stop blaming racism for Donald Trump’s rise. https://www.washingtonpost.
com/news/wonk/wp/2016/08/19/stop-blaming-racism-for-donald-trumps-rise/.
Online; posted August 19, 2016.

Healy, Andrew, and Gabriel Lenz. 2017. “Presidential Voting and the Local Economy: Evi-
dence from Two Population-Based Data Sets”. Journal of Politics 79 (104): 1419-1432.

Hill, Seth. 2016. “Changing Votes or Changing Voters? How Candidates and Election Context
Swing Voters and Mobilize the Base”. FElectoral Studies 48:131-141.

Igielnik, Ruth, Scott Keeter, Courtney Kennedy, and Bradley Spahn. 2018. Commercial
Voter Files and the Study of U.S. Politics. http://www.pewresearch.org/2018/02/
15/commercial-voter-files-and-the-study-of-u-s-politics/.

Ivarsflaten, Elisabeth. 2007. “What Unites Right-Wing Populists in Western Europe?” Com-
parative Political Studies 41 (1): 3-23.

Kalla, Joshua, and David Broockman. 2017. “The Minimal Persuasive Effects of Campaign
Contact in General Elections: Evidence from 49 Field Experiments”. American Political
Science Review 112 (1): 148-166.

Kinder, Donald R., Gordon S. Adams, and Paul W. Gronke. 1989. “Economics and Politics
in the 1984 American Presidential Election”. American Journal of Political Science 33
(2): 491-515.

Kramer, Gerald. 1983. “The Ecological Fallacy Revisited: Aggregate- versus Individual-level
Findings on Economics and Elections, and Sociotropic Voting”. American Political Sci-
ence Review 77 (1): 92-111.

Lewis-Beck, Michael, and Martin Paldam. 2000. “Economic Voting: An Introduction”. Elec-
toral Studies 19:113-121.

Malgouyres, Clément. 2017. “Trade Shocks and Far-Right Voting: Evidence from French
Presidential Elections”. Furopean University Institute Working Paper RSCAS 2017/21.

Masuoka, Natalie, and Jae Junn. 2013. The Politics of Belonging: Race, Public Opinion, and
Immigration. University of Chicago Press.

39


http://voxeu.org/article/political-aftermath-financial-crises-going-extremes.
http://voxeu.org/article/political-aftermath-financial-crises-going-extremes.
https://cis.org/Report/Immigration-Policy-Opinion-and-2016-Presidential-Vote
https://cis.org/Report/Immigration-Policy-Opinion-and-2016-Presidential-Vote
https://www.washingtonpost.com/news/wonk/wp/2016/08/19/stop-blaming-racism-for-donald-trumps-rise/
https://www.washingtonpost.com/news/wonk/wp/2016/08/19/stop-blaming-racism-for-donald-trumps-rise/
http://www.pewresearch.org/2018/02/15/commercial-voter-files-and-the-study-of-u-s-politics/
http://www.pewresearch.org/2018/02/15/commercial-voter-files-and-the-study-of-u-s-politics/

McCall, Leslie, and Ann Shola Orloff. 2017. “The multidimensional politics of inequality:
taking stock of identity politics in the U.S. Presidential election of 2016”. British Journal
of Sociology 68 (S1): S34-S56.

McCartney, William. 2017. Household Financial Distress and Voter Participation. https:
//ssrn.com/abstract=3068596.

McDaniel, Jason, and Sean McElwee. 2017. Fear of Diversity Made People More Likely to
Vote Trump. https://www.thenation.com/article/fear-of -diversity-made-
people-more-likely-to-vote-trump/. Online; posted 14 March 2017.

McFadden, Daniel. 1974. “Conditional Logit Analysis of Qualitative Choice Behavior”. In
Frontiers in Econometrics, ed. by Paul Zarembka, 105-142. New York: Academic Press.

Mutz, Diana. 2018. “Status threat, not economic hardship, explains the 2016 presidential
vote”. Proceedings of the National Academy of Sciences 115 (19): E4330-E4339.

Panagopoulos, Costas. 2016. “All about that base: Changing campaign strategies in US
presidential elections”. Party Politics 22 (2): 179-190.

Rosenstone, Steven. 1982. “Economic Adversity and Voter Turnout”. American Journal of
Political Science 26 (1): 25-46.

Rothwell, Jonathan, and Pablo Diego-Rosell. 2016. Ezplaining Nationalist Political Views:
The Case of Donald Trump. http://dx.doi.org/10.2139/ssrn.2822059.

Schaffner, Brian F., Matthew MacWilliams, and Tatishe Nteta. 2018. “Understanding White
Polarization in the 2016 Vote for President: The Sobering Role of Racism and Sexism”.
Political Science Quarterly 133 (1).

Shepard, Steven. 2016. The 11 states that will determine the 2016 election. https://www.
politico.com/story/2016/06/donald-trump-hillary-clinton-battleground-
states-224025. Online; posted 8 June 2016.

Sides, John, Michael Tesler, and Lynn Vavreck. 2017. “The 2016 U.S. Election: How Trump
Lost and Won”. Journal of Democracy 28 (2): 34-44.

Sides, John, and Lynn Vavreck. 2013. The Gamble: Choice and Chance in the 2012 Presi-
dential Election. Princeton University Press.

Silver, Brian, Barbara Anderson, and Paul Abramson. 1986. “Who Overreports Voting?”
American Political Science Review 80 (2): 613-624.

Tesler, Michael. 2016. Post-Racial or Most-Racial? Race and Politics in the Obama FEra.
University of Chicago Press.

Uggen, Christopher, Ryan Larson, and Sarah Shannon. 2016. 6 Million Lost Voters: State-
Level Estimates of Felony Disenfranchisement, 2016.

van Buuren, Stef, and Karin Groothius-Oudshoorn. 2011. “mice: Multivariate Imputation
by Chained Equations in R”. Journal of Statistical Software 45 (3).

Weaver, Vesla, and Amy Lerman. 2010. “Political Consequences of the Carceral State”.
American Political Science Review 104 (4): 1-17.

40


https://ssrn.com/abstract=3068596
https://ssrn.com/abstract=3068596
https://www.thenation.com/article/fear-of-diversity-made-people-more-likely-to-vote-trump/
https://www.thenation.com/article/fear-of-diversity-made-people-more-likely-to-vote-trump/
http://dx.doi.org/10.2139/ssrn.2822059
https://www.politico.com/story/2016/06/donald-trump-hillary-clinton-battleground-states-224025
https://www.politico.com/story/2016/06/donald-trump-hillary-clinton-battleground-states-224025
https://www.politico.com/story/2016/06/donald-trump-hillary-clinton-battleground-states-224025

