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Abstract

Many accounts posit that as income inequality rises, individuals will be less
satisfied with their own financial situation as they feel increasingly deprived
relative to others—driving these individuals to spend more as they engage in
positional competition and increasing their anxieties as position in the income
distribution becomes ever more important. I examine if and for whom income
inequality reduces financial satisfaction by analyzing the 1973-2012 General So-
cial Surveys linked to state-level administrative data based on tax returns, the
Census, and the American Community Survey. I find that higher state-level
income inequality decreases financial satisfaction overall, and I further find that
this effect is especially pronounced for those in the middle of the income distri-
bution. Counterfactual simulations suggest rising income inequality explains a
substantial portion of a four-decade decline in financial satisfaction.
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1 Introduction

Income inequality in the United States has risen sharply over the past forty years. In 1973,
the top 10% of earners made one-third of the national income, but by 2012 their income share
was over one-half (Piketty and Saez 2003 [2015]). Over the same time period, the national
Gini index in the United States rose from .47 to .64 (Frank 2014).! Scholars, pundits, and
public figures alike have raised alarm about this trend, suggesting high or rising income
inequality leads to a variety of negative outcomes, but the empirical evidence has been far
from definitive (Neckerman and Torche 2007; Van de Werfhorst and Salverda 2012; Moss
et al. 2013; Atkinson and Bourguignon 2015; Kenworthy 2016).2

Many of the mechanisms proposed to explain why inequality could or should matter
utilize the concept of relative deprivation (Merton and Rossi 1950; Davis 1959; Runciman
1966). That is, in modern, developed economies inequality does not deprive people of
seemingly life-sustaining necessaries (e.g., food, shelter, basic health care), but rather—
because it makes them less well-off relative to others above them—inequality restructures
people’s evaluations of their own financial well-being. More negative evaluations could then
affect decisions about work, leisure, rest, debt, housing, policy preferences, family, and more.

Early scholarship defined relative deprivation as an objective measure of where one stood
relative to others in terms of income (Yitzhaki 1979; Adjaye-Gbewonyo and Kawachi 2012).
Yet the theories of why inequality matters depend not just on objective position, but on the
extent to which one feels deprived. Income inequality may matter when it widens the gap
between one’s economic position and where one feels they “ought” to be based on what they
see in others.

To see if income inequality affects these feelings, this paper examines the empirical
relationship between state-level income inequality and financial satisfaction. The paper
proceeds as follows: First, I elaborate on theories of relative deprivation and their link to
financial satisfaction. Then, I explain why these may be affected by income inequality. I
describe how the expected effects of income inequality may depend on one’s position on the
income distribution, but show that there are competing theories about which part of the
distribution should be most affected by income inequality. Based on these theories, I develop
a set of competing hypotheses that I test by analyzing the effect of the state-level Gini index
on financial satisfaction using the 1973-2012 General Social Surveys linked to state-level data
based on IRS tax returns, the decennial Census, and the American Community Survey.

Using models that account for time-invariant differences between states and that include
a wide range of individual- and state-level controls, I find evidence that income inequality
reduces financial satisfaction. Furthermore, I find that this effect of income inequality is
most pronounced for those in the middle of the income distribution. I assess the robustness
of these results to multiple measures of income inequality, various modeling approaches, and
different contextual and individual covariates. Finally, I use a counterfactual simulation to

!Specifically, this is a pre-tax and transfer measure of inequality calculated from the Adjusted
Gross Income (AGI) reported in IRS’s Statistic of Income based on federal tax returns (Frank 2014).
Alternative calculations from the CPS and Census Bureau show a similar rise, though the values
differ because of how that income data is collected. The advantages and limitations of this data are
discussed in both the Data and Methods and the Discussion and Conclusion sections of the paper.

2They may be talking about economic inequality, more generally. While different forms of eco-
nomic inequality (e.g., income, wealth, or consumption inequality) are distinct from one another, in
the U.S. context income inequality has been a driving factor of other types of economic inequality
(Piketty 2014; Saez and Zucman 2016; Keister and Lee 2017).



show that income inequality likely explains a substantial portion of a four-decade decline in
financial satisfaction.

This paper contributes to the sociological study of income inequality by focusing on
feelings of relative deprivation and financial satisfaction—factors scholars have suggested
should be a key mediator between income inequality and critical social problems, but that
have rarely been examined directly. It makes an empirical contribution through a rigorous
analysis of the effects across the income distribution of over four decades of growing income
inequality in U.S. states.

2 Relative Deprivation and Financial Satisfaction

Scholars have studied financial satisfaction—that is, an individual’s subjective evaluation of
their financial situation—as both a “sub-construct” or domain of subjective well-being and
life satisfaction (e.g., Van Praag et al. 2003; DePianto 2011; Diener and Biswas-Diener 2002)
and as an important component of perceived economic standing (e.g., Kalleberg and Marsden
2012; Joo and Grable 2004). Unsurprisingly, there is a robust association across a number
of contexts between the income of an individual or household and their level of financial
satisfaction (e.g., DePianto 2011; Diener and Oishi 2000; Easterlin 2006). Additional work
has shown financial satisfaction to be a mediator between income and overall or “global” life
satisfaction (see review by Diener and Biswas-Diener 2002).

Yet research also suggests that the ability to derive satisfaction from income is highly
context dependent—not only does it matter what one makes, but also how that stands in
relation to others. One of the most concise accounts of this is articulated in the Easterlin
Paradox, which notes that although individuals with more income report being happier, an
increase in average income over time for a country does not translate into greater happiness
overall for that country (Easterlin 1973). At present, some scholars debate whether average
income really lacks any explanatory power on happiness (see Stevenson and Wolfers 2008;
2013, and responses by Easterlin et al. 2010). Some suggest that absolute income may
indeed have some positive effects, but that in the U.S. the efforts to obtain that income—
namely, working more hours and increasing the number of dual-earning households—have
had counteracting negative effects (Fischer 2008; Schnittker 2008). Still, there remains ample
evidence that relative income is an important determinant of financial—and ultimately—
overall satisfaction.

In fact, social comparisons of income and other material goods have been foundational to
the social sciences. In The Theory of the Leisure Class, Veblen ([1899] 1963) described how
social status is demonstrated and reified through visible forms of consumption that others
can see and compare themselves against. Duesenberry’s (1949) relative income hypothesis
stated that people’s consumption and savings behaviors depend heavily on income in relation
to others. And Marx (1847 [1972]) illustrated the idea when writing that, “A house may
be large or small; as long as the neighboring houses are likewise small, it satisfies all social
requirement for a residence. But let there arise next to the little house a palace, and the
little house shrinks to a hut.” (p. 33)

These early ideas were formalized in the theory of “relative deprivation” which assumes
that the comparisons individuals make with others who are more advantaged can cause
them to feel deprived (Merton and Rossi 1950; Davis 1959; Runciman 1966). Rather than
lacking in absolute terms such as being without adequate shelter, clothing, or food—factors
that are more relevant to conceptions of poverty (Iceland 2012)—relative deprivation focuses



on lacking the goods or resources that one desires or feels necessary to fully participate in
society (Runciman 1966; Adjaye-Gbewonyo and Kawachi 2012).

Building on this understanding, financial satisfaction is clearly related to this theoretical
conception of relative deprivation. In Falling Behind, Frank (2007) emphasizes that such
comparisons that would lower financial satisfaction need not be made out of envy. Rather,
it is “fundamentally about the link between context and evaluation” (p. zz). Wants and felt
needs are shaped by one’s context—the greater the standards, the more income necessary to
be satisfied, and the easier it becomes to be dissatisfied with the income one actually has. In
particular, the standards are mostly to increase for those things that can become sources of
evaluation are aptly described as “positional goods” (Hirsch 1977). Yet the resulting potential
drawbacks from this competition are two-fold: not only does it require increasingly more
income to acquire them, but, in turn households may also be prompted to reduce their
consumption of so-called “non-positional goods” such as vacations, leisure time, and sleep.

3 The Effect of Income Inequality

Does rising inequality increase these feelings of relative deprivation and decrease financial
satisfaction? As income inequality grows, so does the distance between those at different
parts of the income distribution, potentially resulting in greater contrasts and more oppor-
tunities for negative comparisons. This could happen in two ways. First, as noted above, as
inequality increases, so too may inequality in the consumption of positional goods (Frank
2007). There is ongoing scholarly debate on the extent to which overall consumption inequal-
ity (spending in all areas) has (or has not) mirrored rising income inequality. Recent studies
from the Consumer Expenditure Survey (CEX) have reached mixed conclusions: some stud-
ies arguing consumption inequality has risen substantially (Aguiar and Bils 2015; Attanasio
et al. 2015) while others claiming the increase has been minimal (Krueger and Perri 2006;
Meyer and Sullivan 2017) Complicating the matter is that the CEX has likely experienced
greater measurement error in recent years (Meyer et al. 2015) and, more generally, consump-
tion data measures spending within categories, rather than the quality or quantity of the
items purchased (see also Fisher et al. 2013; Attanasio and Pistaferri 2016). However, studies
examining specific positional goods such as neigborhoods (Frank 2007; Fligstein et al. 2017
Goldstein and Hastings 2018), cars (Bricker et al. 2014), and luxury goods (Walasek and
Brown 2015; 2016) find that the focus on them seems to increase when and where income
inequality is greater. Second, people may to some extent compare incomes directly. While
Americans have limited knowledge about what others make, some salaries and wages are
public (e.g., many public sector and unionized workplaces, see Rosenfeld 2017) and others
can be approximated through hearsay, personal experience, and the news (McCall 2013).
Even though people have limited understandings of the income distribution (Hauser and
Norton 2017), even imperfect information may credibly inform people’s perceptions of their
position relative to others.

Yet, most previously attempts to operationalize “relative deprivation” define it as a
function of one’s position in the income distribution, regardless of one’s perception of that
position. This is exemplified in Yitzhaki’s (1979) definition of relative deprivation as the
average of the income differences between a person and everyone else in the population who
has a higher income than them. Yitzhaki’s measure and variants of it remain the standard
(see Adjaye-Gbewonyo and Kawachi 2012), but these metrics mechanically link relative
deprivation and income inequality. For any population, the average level of Yitzhaki’s



relative deprivation is the mean income multiplied by the Gini index, meaning that—mnet of
mean income—any society with more income inequality will have more relative deprivation
(Evans et al. 2004). But while rising inequality means people are objectively more deprived
relative to others, existing work has not demonstrated to what extent people may or may
not feel that deprivation and be less financially satisfied as a result.

Scholars have described two explanations of how income inequality could reduce financial
satisfaction. One view focuses on how relative deprivation drives others to overspend to “keep
up with the Joneses” or to be dissatisfied when they do not keep up. For example, Frank
(2007) argues inequality arises when the growth of top incomes sets off a chain of local
comparisons that cascade all the way down to low income earners. He describes this as
the increasing “cost of adequate” which leads to dissatisfaction, stress, and other adverse
outcomes.

Another view focuses on how relative deprivation may result in anxiety over one’s place
in the social hierarchy of status and prestige. As inequality increases, one’s position becomes
ever more crucial. Scholars have argued that this leads to status anxiety and increases levels
of stress, which then results in a number of negative consequences that are psychological,
physical, and social. Among the leading proponents of this position are Wilkinson and Pick-
ett, who popularized this argument in The Spirit Level (2010). They use both cross-national
and between-state comparisons to argue that the additional status anxiety generated by in-
come inequality can explain associations between income inequality and loss of community
life; poor mental and physical health; higher drug use, obesity, mortality, teen births, and
crime; and lower educational performance (see also Wilkinson and Pickett 2009).

But Wilkinson and Pickett do not measure feelings of relative deprivation or financial
satisfaction. Rather, they argue that the evidence supports their argument because the
outcomes associated with income inequality have a “status gradient.” That is, health and
social problems that are typically more common lower down the income distribution are
also more common in unequal contexts, while problems without a status gradient are less
associated with inequality. From this they infer that income inequality has effects through
the relative differences between individuals. While “status” is presented broadly, implicit in
these arguments is an increasing concern with one’s income and where it stands in relation
together.

Both arguments suggest that rising income inequality should be a cause of less finan-
cial satisfaction (to be clear, neither articulation requires that people know the level of
inequality—only that they experience it and navigate life through it), something this paper
tests empirically. Although no study does this directly, two studies use similar arguments to
test related outcomes. One study examined the effect of income inequality on status anxiety
in a cross-sectional study of European countries (Layte and Whelan 2014). Respondents
were asked the extent to which they agreed with the statement “Some people look down
on me because of my job situation or income.” On average, individuals in more unequal
countries were more likely to agree. In contrast, scholars in another study of European
countries analyzed questions about status seeking and found that people reported being less
concerned about status seeking in more unequal contexts (Paskov et al. 2017). They suggest
as inequality rises, people may “give up” on their efforts to keep up. Comparable studies in
the U.S. context do not yet exist.

The above discussion suggests there may be, on average, a negative effect of income
inequality on financial satisfaction, leading to the following ceteris paribus hypothesis:

Hypothesis 1: Income inequality is associated with lower financial satisfaction.



4 Heterogenous Effects

Many studies—both theoretically and empirically—have focused on the overall (i.e., population-
average) effect of income inequality. Practically speaking, some of this is because much of the
work on the effects of income inequality has been conducted using outcomes at the aggregate
level, rather than at the individual level. Although sometimes adequate data exist only at
the aggregate level, an ecological fallacy can occur when inferring individual-level processes
from aggregate data (Evans et al. 2004). Moreoever, aggregate data can, at best, only estab-
lish population-level effects. This makes it impossible to distinguish how income inequality
may affect people differently who are at different places on the income distribution.

As noted above, prior scholarship has clearly established that income itself is positively
associated with financial satisfaction. There are also compelling arguments that the effect
of inequality on financial satisfaction should vary across the income distribution, but the
existing theories—all of which suggested an average decline in financial satisfaction—yield
conflicting expectations about how this effect would (or would not) vary across the income
distribution.

4.1 Effects smallest at top; largest at bottom

Relative deprivation theory emphasizes the negative comparisons that people make with
those who are more advantaged. The further down one is on the income distribution, the
more opportunities one has to make negative comparisons. Conversely, the higher up one is,
the fewer negative comparisons there are to make. By definition, greater income inequality
means a stretching of the income distribution, and thus, the relative deprivation of everyone
not at the top increases.

We know there is an association between relative income and financial satisfaction, so
we expect that, ceteris paribus, the effect of inequality should be smallest at the top of the
income distribution and largest at the bottom of the income distribution. Layte and Whelan
(2014) similarly proposed that the negative effect of individual income rank on status anxiety
would be exacerbated (i.e., positively moderated) by increasing income inequality, but they
did not find support for this hypothesis. However, financial dissatisfaction resulting from
feelings of relative deprivation is a different concept than status anxiety. For example, while
it is plausible that feelings of relative deprivation may induce status anxiety, feeling deprived
may also lead to overspending and/or financial dissatisfaction even among those who do not
feel negatively judged because of their income (or lack thereof).

Hypothesis 2a: The association between income inequality and financial satis-
faction is the least negative for those at the top of the income distribution and
increases for those lower on the income distribution (i.e., there is a steeper
income gradient between individual income and financial satisfaction when in-
equality is higher).

Relative deprivation theory typically assumes individuals mostly ignore those who are
less advantaged than them. But an extension of this is “Relative Gratification Theory”
which proposes that comparisons with those who earn less will make individuals feel better
(Davis 1959; Evans et al. 2004). If people compare themselves to others both above and
below them, then not only would we expect a steeper gradient between income and financial
satisfaction, but we may find a positive effect of income inequality for those near the top of
the income distribution.



Hypothesis 2b: The association of income inequality and financial satisfaction
is positive for those near the top of the income distribution.

4.2 Effects largest in the middle

In contrast, because income inequality in the U.S. has been primarily driven by the growth
of top incomes (Piketty and Saez 2003 [2015]), those in the middle may be more sensitive
to these gains, while those at the bottom (correctly) may not perceive those in the mid-
dle pulling away so much. This makes sense if what occurs is not comparisons to those
throughout the entire income distribution, but local comparisons to those just above. This
is precisely Frank’s (2007) account: for the middle class, the losses from the “positional arms
race” have been made worse by rising inequality, and through a chain of local comparisons,
they spend more while diverting resources away from non-positional goods, causing large
welfare losses.?

A variant of this explanation has a more cultural emphasis. Those near the middle
may experience the greatest gap between their aspirations and economic reality. Studies
suggest that the standards are increasing for the so-called “middle class” lifestyle in the
U.S.—which often includes owning a (larger) house and (nicer) car and having a good job,
some modest savings, and enough money to pay for one’s children’s college education(s)—
are increasing, meaning those in the middle more often do not have the means to pay for
these them (Schor 1998; Dwyer 2009). Rising income inequality is likely a driver behind
these elevated standards (Frank 2007; Walasek and Brown 2015; Fligstein et al. 2017). As
a result, those in the middle may be the most discontent as they fail to achieve these goals
or take on considerable debt to meet these aspirations (Fligstein and Goldstein 2015). In
contrast, higher earning households may be able to meet more of these “middle-class” goals,
while those at the bottom may recognize that these things are out of reach.

Hypothesis 3: The association of income inequality and financial satisfaction is
most negative in the middle.

It is possible, of course, that the association between income inequality and financial
satisfaction is similar across the income distribution. If inequality increases status anxiety
by making everyone feel insecure about their position (regardless of whether they are high or
low), then these effects should be felt everywhere. This would be consistent with the findings
mentioned above that although income inequality increased self-reported status anxiety, this
was not moderated by income (Layte and Whelan 2014), but there would also be no variation
if there was no substantive effect of income inequality on financial satisfaction.

5 Data and Methods

5.1 General Social Survey

The individual-level data come from the nationally-representative General Social Survey
(GSS) which has been conducted annually or biannually since 1972 with response rates
greater than 70% (Smith et al. 2013). Unlike other long-running nationally-representative

3Hence Frank’s (2007) book’s unsubtle subtitle: How Rising Inequality Harms the Middle Class.



surveys, the GSS asks a large number of questions about attitudes, including financial sat-
isfaction. I obtained the restricted-access GSS geographic identification file that contains
state identifiers for every survey year beginning with 1973 and matched each respondent to
a variety of state-level measures described below.*

5.1.1 Outcomes

Financial satisfaction is measured with the question “So far as you and your family are
concerned, would you say that you are pretty well satisfied with your present financial
situation, more or less satisfied, or not satisfied at all?” (codebook item: satfin). In the
main analysis I present this as a continuous variable, but I also found substantively identical
results when using ordered logistic regression and multinomial logistic regression.

Figure 1 shows how this variable has changed over time. There has been an overall decline
of about .15 on the 3 point scale (abut 0.2 standard deviations). Looking at the change in
each response category, it is evident that this is driven by a decline in the proportion of
respondents who report being “satisfied” (from 32% to 26%) and an increase in “not at all
satisfied” (from 24% to 29%), while the proportion who are “more or less satisfied” has
remained about the same (about 45%).

Figure 1: Lowess Plots of Financial Satisfaction from 1973 to 2012 for each Response
Category and the Overall Mean (Source: General Social Survey)
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4Data from the GSS, Census, and ACS are available from the respective websites of
each. The inequality data based on IRS tax returns are available at http://www.shsu.edu/
eco_mwf/inequality.html. However, the GSS state-level identifiers can only be obtained
through special contractual arrangements with NORC: http://gss.norc.org/documents/other/
ObtainingGSSSensitiveDataFiles.pdf
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5.1.2 Individual-level Independent Variables

Income was measured by asking respondents to place their household’s income into an income
bin. The bins have changed over time, but the GSS provides a harmonized “best estimate”
by assigning each respondent the midpoint of their income bin, except for the open-ended
top income bin where incomes were assigned using a Pareto curve (Ligon [1989] 1994; Hout
2004). I divide the respondents into income quintiles by year. I found similar results when
using 7 and 10 groups rather than 5, and when dividing the total sample into quintiles,
instead of for each year. I also found similar results by dividing each household’s income by
their state-year median and then separating this state-year adjusted income into quintiles
by year, and I also found similar results in models that controlled for income alongside the
income bins.

To control for characteristics that might bias the relationship between income inequality
and the dependent variables, I include measures for the respondent’s sex, age, age squared,
race/ethnicity (non-Hispanic white, non-Hispanic black, other non-Hispanic, and Hispanic),
years of education (using highest degree earned made no change to the main findings),
marital status (married, widowed, divorced, separated, or never married), number of children
in the household, number of adults in the household, work status (full-time, part-time,
temporarily not working, unemployed, retired, in school, keeping house, other), political
party affiliation (Republican, Democrat, independent/other), religious service attendance
(from 0 = never attend to 8 = attend more than once a week), and type of area of residence
(urban, suburban, or rural). The GSS did not measure Hispanic or Latino ethnicity until
2000, so for observations before that year I use country of ancestral origin. This correlates
extremely well with self-identified Hispanic from 2000 onward (the tetrachoric correlation
is .99) and has been used in previous research on race and ethnicity (Hout and Goldstein
1994).

5.2 Area Level Data
5.2.1 Income Inequality

While the outcomes are at the individual level, inequality itself is a population-level charac-
teristic. This paper argues that financial satisfaction may be shaped by area-level inequality,
but it is not readily apparent what the appropriate unit of aggregation is to measure income
inequality. I focus on U.S. states for both theoretical and pragmatic reasons. First, al-
though some studies measure inequality at the local level, scholars have argued that relative
deprivation should operate at a larger level such as the state (Wilkinson and Pickett 2009).
This may seem counterintuitive if one expects the effects to result directly from face-to-face
encounters with others, but the processes described above also depend heavily on the extent
of the separation between those on different parts of the income distribution which may not
be captured when looking at the inequality of smaller areas.

Second, states have been used extensively in prior studies of income inequality effects
and evidence suggests there are net state-level income inequality associations for some of
the outcomes that could result via financial dissatisfaction. Third, policy interventions are
frequently applied at the state level, so understanding whether psychosocial effects appear
at the same level may be especially useful for those interested in the potential policy impli-
cations of these analyses.

Fourth, unlike for sub-state areas, excellent annual state-level income inequality data



are available (described below). Fifth, unlike counties, MSAs, and other sub-state areas,
states have maintained consistent boundaries over time. Finally, sixth, the GSS geo-coded
data only has location identifiers below the state beginning in 1993, making it impossible
to examine the effect of inequality during the first 20 years of the survey for smaller levels.
Excluding these respondents would dramatically reduce the sample and omit about half the
income inequality growth between 1973-2012.

My income inequality measure is the state-level Gini index. The Gini is the average
distance between all pairs of proportional income in the population, ranging from 0 (if
everyone had the same income) to 1 (if one household had all the income). The Gini
assesses inequality across the entire income distribution and is the most common inequality
measure in previous research.

The Gini is calculated and made available by Frank (2014) from data published in the
IRS’s Statistics of Income. Alternative state-level data sources of income inequality come
from the Current Population Survey (CPS) and the Census Bureau (decennial Census un-
til 2000 and American Community Survey (ACS) afterwards) (Stone et al. 2016), but the
IRS-based data provides a number of advantages including being based all returns rather
than a smaller sample, being available annually, relying on reports where respondents are
penalized for income reporting errors (Akhand and Liu 2002; Hiimbelin and Farys 2016),
and being subject to less top-coding (Richard et al. 2009). IRS-based data does risk cen-
soring households whose income is below the threshold for mandatory tax filing, but these
households may still file taxes to benefit from tax credits or receive a tax refund.®

®See Hastings (2018) for additional discussion of differences between the data sources. All of these
data series are based on pre-tax and transfer income. Although post-tax and transfer income would
be ideal since it better measures disposable income, no such data series exists at the state level. In
cross-national work, using pre-tax and transfer income is especially problematic (Ferreira et al. 2015;
Guillaud et al. 2017), but this is much less the case in state-level work for two reasons. First, there is
much less variation between states in their taxes and transfers as compared to nations. Second, the
models employ state fixed effects, so it is only change over time that matters (i.e., average difference
between high tax-and-transfer states and low tax-and-transfer states are netted out).
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Figure 2: 90th, 50th, and 10th Percentiles of the State Gini Index of Income Inequality,
1973-2012 (Data source: Frank 2014)
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Some recent research has focused on top income shares (Frank 2014; Piketty and Saez
2003 [2015]), but the hypotheses tested here would seem to be sensitive to changes in income
inequality across the entire distribution, so I focus on a measure that is similarly sensitive to
these changes. Figure 2 shows the Gini index across states during the analysis period. Two
trends are notable. First, consistent with other accounts of income inequality, inequality
grew considerably over the period of study. In fact, the Gini of the least equal state in 1973
(.50 in the District of Columbia) was lower than in the most equal state in 2012 (.55 in West
Virginia). Second, the gap between the 10" and 90" percentiles is nearly twice as large in
2012 as 1973, meaning that inequality grew substantially more in some states than others.

5.2.2 Other Area Level Data

I control for state-level median household income (logged) which is often used as a measure
of standard of living and is less sensitive than mean income to measurement errors of high
income. I control for changing racial composition with the percent black in each state-
year. Deaton and Lubotsky (2003) argue that race is a confounder of income inequality
effects, showing in one analysis that the inclusion of the proportion black explains away a
relationship between state-level income inequality and mortality. This study has since been
challenged in several respects (e.g., Ash and Robinson 2009), but Pickett and Wilkinson
(2015) also question whether such explanations are even theoretically appropriate, suggesting
that “ethnic differences attract more attention and seem more important not only when
they become markers of social status differences but also when greater inequality makes
social status differentiation more powerful, increasing the importance of ‘downward’ social
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prejudices whether by class or ethnicity.” (p. 7). Thus, controlling for race presents a more
conservative estimate. Hispanic or Latino ethnicity was not consistently recorded in the
census until 1980 and is not included, but I control for the percent foreign born in each
state-year. Finally, I control for state population density (logged) to account for population
shifts and growth. These measures come from the decennial Census for 1970-2000 (except
that households reported the previous year’s income, so median income is measured for 1969,
1979, 1989, and 1999) and the annual ACS for 2005-2012. T linearly interpolated between
data points to create annual measures, except for percent black, for which model-based
annual estimates are provided by the Census Bureau. Descriptives of all individual- and
state-level measures are presented in the Appendix.

5.3 Analytical Strategy

The analytic approach is to conduct an individual-level analysis of financial satisfaction.
Though much prior work on the effects of income inequality has been conducted at the
aggregate level, this research is vulnerable to an ecological fallacy. Moreover, aggregate-level
analysis can only establish population-level effects, making it impossible to distinguish how
income inequality may affect people differently across the income distribution, something
this paper also examines.

I estimate a linear regression model with state fixed effects and time-varying controls.
Many studies of income inequality employ cross-sectional comparisons across countries or
states at a single point in time, but this design risks confounding the effects of income
inequality with unobserved characteristics of areas that shape both income inequality and
the outcomes being studied. Panel data can exploit within-area temporal variation in income
inequality and net out unobserved time-invariant characteristics, as I do with the inclusion
of state fixed effects. In all, I analyze 51,699 observations in 1,063 state-years.

Formally, consider observation i in state s collected in year . The regression equation
(with bolded terms indicating vectors) is,

Satisfaction;ss = By + B1Ginig + Balncome;ss
+ [B3(Ginig x Income;st)]
+ BaControls + ps + €;5

where Satis faction;s is the respondent’s reported financial satisfaction, Ginig is the state-
level inequality measure, Income;s; is a vector of the five indicator variables for each
income quintile, Controls is a vector of the individual and state-level controls, ps specifies
a full set of state indicators (i.e., fixed effects), and €;4 is the idiosyncratic error. I place the
interaction of the Gini index and the income quintiles in brackets to show that I estimate this
model both with and without these terms. Without these terms, 37 represents the overall
effect of the Gini on financial satisfaction. By including the interaction terms, I can assess
how the effects vary across the income distribution. In all models I employ the sampling
weights provided by the GSS and adjust the standard errors for clustering within states.

6This clustering accounts for individuals appearing more than once because of the panel structure
of the GSS beginning in 2006. I cluster at the highest level (states). The clustered variance esti-
mator accommodates an arbitrary variance-covariance matrix within each cluster, so it is robust to
the presence of lower levels of clustering (Cameron and Miller 2011). This approach treats individ-
uals that move between states as independent observations, but excluding repeat observations from
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I do not include year fixed effects in the main models, as adding them nets out the
average level of inequality for each year and forces the estimate to be based on changes in
income inequality within states net of the overall growth of income inequality across states.
Inequality grew in all states, as shown in Figure 2. As a result, this approach may be overly
conservative, netting out much of the variation in income inequality that we are interested
in understanding. However, I present models with year fixed effects as a robustness check
(Appendix Table A4) and show these produce results with a similar magnitude and direction
but have much larger standard errors.

Many studies of income inequality prefer to specify a multilevel model (i.e., mixed or
hierarchical linear models) to understand the effects of inequality. In the multilevel approach,
B is estimated from variation both between and within states and years and “borrows
strength” across groups (i.e., state-years) when they are small (Gelman and Hill 2007). As
a result, this model is more efficient (i.e., yields smaller standard errors) but requires the
untestable ‘random effects” assumption—in this case that any unobserved characteristics
of the states that influence the outcomes are not correlated with any of the individual- or
state-level measures that are included with the model. These models also account in their
standard errors for the clustering of observations within shared contexts without needing
post-hoc clustering adjustments that are done in the fixed effects regression models (Rabe-
Hesketh and Skrondal 2012). Despite the differences, I find substantively the same results
with the random effects approach as compared to the fixed effects approach above (Appendix
Table A5)

Because the outcomes measure the attitude of the respondent at the moment of com-
pleting the survey, I use income inequality for the same year. It is possible that respondents
take some time to “update” their mental understanding of how they compare to those around
them, so for robustness I also consider the models with a lagged Gini.

I consider several other robustness specifications. I reestimate the models using alter-
native sets of control variables (no controls, individual controls only, state controls only).
I consider the effect of outliers by removing the most and least unequal state observed in
each year. And I reestimate the preferred models without survey weights. The results of the
robustness checks are discussed in a section following the results from the preferred model.

After estimating the effect of inequality, I then examine the overall time trend in financial
satisfaction and I present a counterfactual simulation of how financial satisfaction might have
changed over time had inequality not risen. As noted in Figure 1, financial satisfaction has
declined over time. How much of this can be attributed to changes in inequality? We
know inequality rose over the same time period, as shown in Figure 2, but, of course, many
things changed in the U.S. besides inequality, which is precisely the motivation for doing
the multivariate analysis in the first place.

The appropriate counterfactual is not “no change” in financial satisfaction over time,
but rather the estimation of how financial satisfaction would have changed had inequality
remained constant. To estimate this, I take the coefficients from the final model and make
two predictions for each observation. First, I predict each respondent’s financial satisfaction
using all of the observed values for all individual- and state-level variables (this is the tra-
ditional g of a regression model). Second, I predict each respondent’s financial satisfaction
using the observed values except replacing the state Gini with its mean level in 1973. I

movers does not alter the main results. As would be expected, removing clustering entirely gener-
ated smaller standard errors and smaller p-values for the coefficients of interest. Results available
upon request.
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compare these results visually using locally weighted regression (lowess) plots (bandwidth
= .8) employing the sampling weights provided by the GSS, both for the full sample and
by income quintile, in order to evaluate income inequality’s long-term effect on financial
satisfaction.

6 Results
6.1 Main Effect

Table 1 presents the main results for the effect of income inequality on financial satisfaction
(full results with all coefficients are in Appendix Table A3). The baseline income group is
the middle income quintile, which includes the median earner. Model 1 shows the main
effect of inequality (Hypothesis 1) while Model 2 adds interactions between inequality and
the respondent’s income quintile, in order to see how the effect varies across the income
distribution (Hypotheses 2a, 2b, and 3).

Table 1: Coefficients from Models of Financial Satisfaction

(1) (2)
State Gini —0.30* (0.13) —0.54**  (0.20)
Q1 (bottom) —0.30*** (0.014) —0.30*** (0.014)
Q2 —0.16** (0.0091)  —0.16*"* (0.0091)
Q3 ref. ref.
Q4 0.16**  (0.012) 0.16** (0.011)
Q5 (top) 0.417*  (0.016) 0.417*  (0.015)
Q1 (bottom) x Gini 0.38*  (0.17)
Q2 x Gini 0.0032 (0.13)
Q3 x Gini ref.
Q4 x Gini 027  (0.21)
Q5 (top) x Gini 0.55*  (0.25)
State poverty rate —0.011*** (0.0031) —0.011*** (0.0031)
State median income (logged) 0.14 (0.092) 0.14 (0.092)
Individual Controls Yes Yes
State Time-varying Controls Yes Yes
State Fixed Effects Yes Yes
Observations 51699 51699

Standard errors in parentheses

*p<.05, ** p<.01, ** p <.001

Notes: The middle income quintile (Q3) is the baseline category. Each model
uses sampling weights and the standard errors are adjusted for clustering
within states. Full models with all coefficients are in the Appendix.

The overall effect of income inequality is negative and significant. In Model 1, a 0.1 in-
crease in the Gini (about 1.5 standard deviations) is associated with a 0.03 (=~ 0.04 standard
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deviation) decrease in financial satisfaction. To help understand these effects, I also report
the coefficients for the state poverty rate and the logged state median income. Poverty also
has a significant negative effect. For example, in model 1 a 0.1 increase in the Gini has
about the same negative effect on financial satisfaction as a (-0.30%0.1/-0.011 =) 2.7 per-
centage point increase in the state poverty rate. State median income has a non-significant
effect on financial satisfaction, which is consistent with the notion that relative—rather than
absolute—income is what is more important for financial satisfaction. Taking the point esti-
mates at face value, in Model 1 a 0.1 increase in the Gini has approximately the same effect
size as a 20% decrease in state median income.”

These back-of-the-envelope coefficient comparisons should probably be interpreted cau-
tiously, as changes to the poverty rate or median income are likely to change inequality as
well, but they provide some evidence that these effects of inequality are indeed quite mean-
ingful. Yet another way of sizing these effects is to consider the substantive implications
from an over time perspective. Further below I also consider what portion of the overall
change over time in the outcome could be explained by rising income inequality based on
these models.

These models also show that the coefficients for the income groups are negative for
quintiles below the middle quintile and positive for quintiles greater than the middle quintile.
This is not surprising since this captures the effects of absolute income and the dimension
of financial satisfaction that is about income rank, whereas the Gini captures the effect of
a greater distance between ranks. Next, I consider how the Gini may have different effects
depending on one’s rank.

6.2 Heterogenous Effects by Income

Model 2 of Table 1 shows how the effect of income inequality varies across the income
distribution. Here, the coefficient for the Gini represents the effect of income inequality for
the middle income quintile. It is still negative, and it is greater in magnitude than in Model
1 (B = -.54, p <.01). The coefficients for the interaction term between the Gini and the
2nd and 4th income quintiles are not significant, but interaction coefficients for the highest
and lowest income groups are both positive and significant. From this model, it appears the
effect of income inequality is least negative for those at the top and bottom of the income
distribution and is most negative for those in the middle (especially the second and third
income quintiles).

To visualize these results, Figure 3 shows the predicted values of financial satisfaction
for each income group in contexts of high and low income inequality while setting all of the
remaining covariates to their mean values. The high inequality line shows the prediction
when income inequality is at the level of the 90th percentile in the sample (Gini = .64), while
the low inequality line shows the prediction for inequality at the level of the 10th percentile
(Gini = .47). Another way to think of these levels is that the “low inequality” value is about
the median level of state inequality in 1973, while the “high inequality” value is about the

"State median income is logged, so the percent change will have the same effect on the outcome,
regardless of the baseline income. Finding the comparable percent change to the effect of a 0.1
increase in the Gini requires solving

Blog(median income) * lOg(l + .’IJ) =0.1% Bgini

for x.
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median level of state inequality in 2012.

Figure 3: Predicted Values of Financial Satisfaction by Income Group in Contexts of High
and Low Income Inequality (from Model 2 of Table 1). Error bars show 95% confidence
intervals.
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Figure 3 clearly illustrates that income inequality is negatively associated with financial
satisfaction because the low inequality line is above the high inequality line. The gap is
largest for the second and third income quintiles, and smallest at the top and bottom of the
income distribution. For some perspective, the gap between high and low income inequality
for the middle income quintile is slightly more than half the effect of moving from the middle
quintile to one quintile above or below. Even if this is (debatably) not a large effect, it is
important to note that changes in income inequality affect the entire population, whereas
income changes for a single household affect only that household.

These findings show that there is substantial variation across the income distribution on
the effect of inequality. The findings are in line with the argument that those in the middle
should be most affected (Hypothesis 3). They do not support the expectation that those in
the bottom are most affected (rejecting Hypothesis 2a).

Hypothesis 2b further predicted that the effect of income inequality would be positive
for the top income group. Returning to Model 2 of Table 1, the sum of coefficients for the
Gini and the top income quintile x Gini interaction term is only barely positive (-0.543 +
0.549 = 0.006) and a Wald test of the sum of these two coefficients shows there is not a
statistically significant difference from zero (p = .98). This does not support Hypotheses
2b. One possibility is that the top income quintile is too large a group, but in an additional
model I found no positive effect for the top 10% (available upon request). The data do not



16

permit me to examine those at the extreme high end of the income distribution because the
incomes of more than 5% of GSS respondents are top-coded each year.

6.3 Robustness Models

I also examined several alternative models and assessed the sensitivity of the results to a
number of robustness tests. First, I estimated multilevel models with random incepts, both
as a three-level model with random intercepts at the state, state-year, and individual level,
and as a two-level model with crossed non-nested random intercepts at the state and the
year level (Appendix Table A5). These models produce results with similar coefficients and
smaller standard errors (“more” statistical significance) than the main models. This is not
surprising because the random effects model is a more efficient estimator and uses variation
both within and between groups.

Turning to the other extreme, I analyzed models that added year fixed effects to the main
models (Appendix Table A4). In these models with two-way fixed effects, the magnitude
and direction the coefficients are nearly the same as in the main results, but the standard
errors of the estimates increase substantially and the results are not statistically significant
at the conventional p<.05 level.® Recall, however, that year controls net out much of
the increase in inequality within states over the time period being examined. Although
it is possible that some other trending characteristics are driving the main results, these
unidentified characteristics would have to operate independently of the existing time-varying
state-level controls (median income, population density, percent black, percent foreign born,
and poverty rate).

I also considered models that treat the three-value measure of financial satisfaction as
categorical; using both ordered logistic and multinomial logistic regression produces substan-
tively identical results. The results were also robust to models using the income quintiles
based on the ratio of household income to state-year median income, models controlling for
household income alongside income quintile, models reestimated without survey weights,
models that removed observations from the most and least unequal state in each year, and
models with a one-year lagged Gini index.

6.4 Counterfactual Simulation of Change Over Time

The analysis presented so far assesses the effect of income inequality by using the state-level
variation in inequality over time. Given, as shown in Figure 2, that state-level inequality
rose over the period of analysis, what implications did that have for financial satisfaction?
I examine this by comparing the observed trend in financial satisfaction to a counterfactual
trend—based on the estimated model—of how financial satisfaction might have changed had
income inequality not risen.

Figure 4 presents these results. First, the dotted green line shows the true level over time
for financial satisfaction—the same as in Figure 1. Next, the short-dashed red lines show
the outcome’s level for each year based on the predicted values obtained by calculating the
predicted values for all of the observations in the sample, using the observed values for all of
the covariates. If the model is reasonable, this should be close to the observed values, which
it is. Finally, the long-dashed blue line shows the counterfactual simulation that predicts

8Models with a year linear term and with year linear and quadratic terms produced substantively
similar results.
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what financial satisfaction would have been in every year had income inequality remained
constant since 1973, but everything had changed as it actually did. The figure demonstrates
that had state-level inequality remained constant, the overall decline would have been about
half of what it actually was. For example, the predicted gap between the counterfactual and
predicted lines for 2012 is about .06 (about .08 standard deviations).

Figure 4: Counterfactual Simulation of Change Over Time in Financial Satisfaction
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Figure 5 presents the same results by income group. To avoid over-cluttering the figure,
the true observed values are not shown, but the predicted line based on the actual inequality
and the counterfactual line based on constant inequality are presented. From looking at the
predicted values (red short dashes) it is clear that between 1972 and 2012 it was those in
the bottom income quintile that experienced the greatest overall decline in their financial
satisfaction (from 1.80 to 1.65). However, the largest gap attributable to income inequality
is for those near the middle of the income distribution. The gap in 2012 between the
predicted and counterfactual line for the middle quintile is 0.1—almost double that of the
overall effect from Figure 4. For the top quintile, there is no predicted change in financial
satisfaction for the observed or counterfactual models over time, as seen by the nearly-flat,
completely-overlapping lines at the top of the figure.
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Figure 5: Counterfactual Simulation of Change Over Time in Financial Satisfaction by
Income Quintile
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7 Discussion and Conclusion

This paper examined the effect of rising state-level income inequality on financial satisfaction.
Although the overall effect is negative, I find the middle to be the most negatively effected.
This is consistent with the account that the middle class may be the most affected by
income inequality. In the escalating “positional arms race,” it is these households who likely
experience a greater gap between their aspirations (the “American dream”) and the economic
reality they face (Schor 1998; Frank 2007; Dwyer 2009; Fligstein and Goldstein 2015).

I employed a counterfactual simulation to predict what the consequences of rising in-
equality have been for financial satisfaction between 1973 and 2012. Overall, the simulation
suggests financial satisfaction would have declined only about half as much as it did. When
breaking it down by income quintiles, I show that although those at the bottom experienced
the largest decline in financial satisfaction, it is those in the middle whose decline is most
attributable to rising income inequality.

Whether these effect sizes and over time declines are “large” depends on how much one
thinks financial satisfaction is associated with other outcomes of interest. But small values
can be substantively (as well as statistically) significant, especially when they apply to an
entire population. If financial satisfaction (or the lack thereof) is a factor in the decisions
people and families make about aspects of life ranging from work and leisure to indebtedness
and voting preferences to marriage and fertility, then rising income inequality may be an
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important part of the story to focus on.

This paper embraces causal language throughout, referring to the “effects” of income
inequality. Of course the analyses can only show associations between measures. As such,
reverse causality cannot be entirely dismissed. It is possible that states where people are
less satisfied with their finances are more likely to become unequal (though this would likely
be a long-term process). But, I find the more straightforward direction of causality—income
inequality causing the outcomes—far more plausible. A more likely problem is confounders.
There are many differences between states and the people in them besides their Gini indices,
and these differences could be driving some of the results (although this reasoning applied
to popular cross-national work on inequality is even more concerning). This paper tries to
deal with confounders by including a large number of additional covariates at the individual
and state level, including state fixed effects.

Another possibility is that inequality works through a more dynamic causal relation-
ship. For example, it is possible that past levels of income inequality, even net of the current
level, also effect financial satisfaction. In such cases, the presence of state fixed effects could
actually bias the results (Imai and Kim 2017).° Relatedly, it may be that the changes in
inequality levels, rather than the absolute levels themselves, may drive inequality’s effects
on financial satisfaction. Once a particular level of income inequality becomes normal-
ized (whether high or low), it may have much less effect than when it is rapidly changing
(Hirschman and Rothschild 1973; Schroder 2016; Esping-Andersen and Nedoluzhko 2017).
Future research might take this into account by, for example, exploring the effects of a %
change in income inequality from some previous point in time.

Still other limitations revolve around the data. As noted in the Data and Methods
section, income inequality in this analysis is measured with pre-tax and transfer income, yet
disposable income is a better measure of what is available to spend on the positional goods
that people may wish to acquire. While currently no state-level data series of post-tax and
transfer income is available, developing this could be a fruitful avenue for future research
(and would be useful when examining the effect of income inequality on a wide array of
outcomes).

It is also possible that the association between income inequality and financial satisfac-
tion is real but the explanation—feeling deprived relative to others—is not. For example
many have argued for neo-material explanations (e.g., differences in healthcare or employ-
ment opportunities) to explain the associations found between income inequality and various
problems in society (e.g. Deaton 2003; Lynch et al. 2000). Similarly, neo-material factors
could affect financial satisfaction itself. Income inequality may drive up the cost of living,
rather than just the living standards (there some evidence in the housing market, see Dong
2017). Future research could focus on directly accounting for the prices of goods to separate
living standards from living costs when assessing the effects of income inequality. Likewise,
as inequality increases, the rich might obtain more political power and try to limit public
spending on things that benefit everyone and direct more of the spending towards what
benefits themselves (e.g., Bartels 2008), leaving everyone else less satisfied. (However, oth-
ers argue that higher inequality might mean that, because the rich are richer and they pay
high taxes and give to philanthropic causes, they pay for “public goods” such as medical
facilities, educational resources, and amenities that actually improve the lives of everyone

9My results are robust to omitting state fixed effects (and, in fact, the statistically significant
coefficients have larger effect sizes), but this reintroduces the unobserved time-invariant confounders
being controlled for. See (Imai and Kim 2017) for one approach to deal with this.



20

le.g., Boustan et al. 2013]).

But the results of this paper actually provide good evidence for a relative deprivation
explanation. If rising income inequality is linked to lower financial satisfaction because it
reduces public goods or makes things more expensive, then everyone (except perhaps the
highest earners) would be affected. However, we find that those in the middle of the income
distribution are most affected. This is far more consistent with the argument that relative
position—rather than absolute income or resources—is driving the findings.

Despite the limitations, this paper makes a significant contribution to our understand-
ing of the effects of income inequality. Existing literature has frequently implied that psy-
chosocial factors such as feelings of relative deprivation are important mediators for income
inequality’s effects on various social problems, but some critics have questioned this expla-
nation, instead arguing for the supremacy of neo-material explanations (e.g. Deaton 2003;
Lynch et al. 2000). Still others question whether there is really a relationship at all (e.g.,
Winship 2013).

Furthermore, classical sociological accounts of status have consistently noted that income
(and economic standing, more generally) is only one dimension of social status. Weber (1946)
described how “social honor” was typically expressed by members of “status groups” through
what they consumed and their style of life. In The Civilizing Process, Elias ([1939] 1994)
showed how forms of manner, dress, and politeness evolved so that nobles could distinguish
themselves in an ongoing status competition within the kings’ courts. As capitalism took
hold, a new class of bourgeoisie with similar economic resources but non-noble birth began
to emulate these behaviors, further escalating the creation of new ways to behave. Similarly
Bourdieu (1984), in his study of lifestyles in Distinction, used survey data to map out a social
field of France wherein status depended on at least two dimensions of resources: cultural
capital and economic capital. In more recent work, Chan and Goldthorpe (2007) presented
a significant difference between class and social status in British social life, and Goldthorpe
(2010) pointed out—in a direct critique of Wilkinson and Pickett (2010)—that Japan has
relatively low income inequality but a strong status hierarchy.

All this might suggest that income inequality would have little to no influence on indi-
viduals in normal life. Yet these results show that income inequality does make people feel
more deprived and less satisfied with their financial situation. This in turn likely shapes their
behaviors and attitudes, from everyday routines to major life decisions. To my knowledge,
this is the first study to directly examine the link between income inequality and financial
satisfaction, and it is an important step towards effectively evaluating and addressing the
broader consequences of income inequality.
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Appendix

Table A1l: Descriptives

mean sd min max
Financial satisfaction 2.02 0.74 1 3
State gini 0.56 0.06 0.43 0.71
Income quintile 1 (bottom) 0.19 0 1
Income quintile 2 0.20 0 1
Income quintile 3 0.19 0 1
Income quintile 4 0.21 0 1
Income quintile 5 (top) 0.20 0 1
Female 0.53 0 1
Age (years) 44.14  16.67 18 89
(Age x Age)/100 2226 16.26 324 792
Non-Hispanic white 0.77 0 1
Non-Hispanic black 0.13 0 1
Non-Hispanic other 0.03 0 1
Hispanic 0.08 0 1
Married 0.61 0 1
Widowed 0.06 0 1
Divorced 0.10 0 1
Separated 0.03 0 1
Never married 0.21 0 1
Number of adults 2.23 0.92 1 8
Number of children 1.96 1.79 0 8
Religious service attendance 3.80 2.71 0 8
Years of education 12.93 3.08 0 20
Working fulltime 0.52 0 1
Working parttime 0.11 0 1
Temporality not working 0.02 0 1
Unemployed 0.04 0 1
Retired 0.11 0 1
Student 0.04 0 1
Keeping house 0.15 0 1
Other work status 0.02 0 1
Democrat 0.49 0 1
Republican 0.35 0 1
Other party; No party 0.16 0 1
Urban 0.60 0 1
Suburban 0.27 0 1
Rural 0.13 0 1
State median income (logged) 10.87 0.14 10.4 11.3
State percent foreign born 0.09 0.07  0.0070 0.27
State population density (logged) — 4.98 0.99 0.017  9.28
State percent black 0.13 0.08 0.0023 0.71
State poverty rate 13.48 3.35 2.90 27.2

Note: N = 51699. Individual measures are weighted to account

for sampling. State Gini index variable is reported before mean
centering. State median income is adjusted to 2012 dollars using
the CPI-U-RS. Sources: General Social Survey: 1973-2012. Census:
1970, 1980, 1990, 2000. American Community Survey: 2006-2012.
IRS Statistics of Income: 1973-2012.



Table A2: Correlation Table of State Level Variables

1. 2. 3. 4 5. 6
1. State Gini 1.00
2. State median income (logged) 0.17 1.00
3. State percent foreign born 0.56 0.46 1.00
4. State population density (logged) 0.07 0.36 0.42 1.00
5. State percent black 0.11 -0.25 -0.07 0.35 1.00
6. State poverty rate 0.18 -0.70 0.03 -0.18 0.38 1.00

28

Census: 1970, 1980, 1990, 2000. American Community Survey: 2006-2012. IRS Statistics of Income:

1973-2012.



Table A3: Full Regression Coefficients from Main Models of Financial Satisfaction

1) (2)
State Gini —0.30*  (0.13) —0.54**  (0.20)
Q1 (bottom) —0.30***  (0.014) —0.30***  (0.014)
Q2 —0.16*** (0.0091)  —0.16*** (0.0091)
Q3 ref. ref.
Q4 0.16***  (0.012) 0.16***  (0.011)
Q5 (top) 0.41%**  (0.016) 0.41%**  (0.015)
Q1 (bottom) X Gini 0.38* (0.17)
Q2 x Gini 0.0032 (0.13)
Q3 x Gini ref.
Q4 x Gini 027  (0.21)
Q5 (top) x Gini 0.55%  (0.25)
Female 0.0095  (0.0097) 0.0093  (0.0096)
Age (years) —0.019*** (0.0013) —0.019*** (0.0013)
(Age x Age)/10 0.028"** (0.0015) 0.028"** (0.0015)
Non-Hispanic white ref. ref.
Non-Hispanic black —0.12***  (0.013) —0.12***  (0.013)
Non-Hispanic other 0.085**  (0.025) 0.084** (0.025)
Hispanic 0.013 (0.015) 0.015 (0.016)
Married ref. ref.
Widowed —0.064*** (0.013) —0.062*** (0.013)
Divorced —0.11***  (0.0095) —0.11***  (0.0091)
Separated —0.11***  (0.024) —0.11***  (0.024)
Never Married 0.066*** (0.011) 0.068*** (0.011)
Number of adults —0.034*** (0.0047)  —0.033*** (0.0046)
Number of children —0.019*** (0.0024) —0.018*** (0.0024)
Religious service attendance 0.020*** (0.0024) 0.020*** (0.0024)
Years of education 0.0027  (0.0015) 0.0026  (0.0015)
Urban ref. ref.
Suburban —0.024*  (0.012) —0.024*  (0.012)
Rural 0.036** (0.013) 0.035**  (0.013)
Full time ref. ref.
Part time ~0.009  (0.010) ~0.0095  (0.010)
Temp not wrk —0.0097  (0.025) —0.0097  (0.025)
Unemployed —0.31***  (0.025) —0.32***  (0.026)
Retired 0.090** (0.021) 0.089%** (0.021)
In school 0.058*  (0.023) 0.058*  (0.023)
Keeping house 0.043*** (0.0088) 0.043*** (0.0088)
Other work status —0.10***  (0.028) —0.11***  (0.028)
Democrat ref. ref.
Republican 0.063*** (0.0087) 0.063*** (0.0087)
Other party; no party —0.0043  (0.012) —0.0035 (0.012)
State median income (logged) 0.14 (0.092) 0.14 (0.092)
State percent foreign born 0.11 (0.36) 0.035 (0.35)
State population density (logged) —0.16 (0.083) -0.15 (0.083)
State percent black —0.25 (0.39) —0.23 (0.39)
State poverty rate —0.011*** (0.0031) —0.011*** (0.0031)
State Fixed Effects Yes Yes
Observations 51699 51699

Standard errors in parentheses

*p<.05, " p< .01, *** p<.001

Note: The middle income quintile (Q3) is the baseline category. Each
model uses sampling weights and the standard errors are adjusted for
clustering within states.
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Table A4: Regression Coefficients from Models of Financial Satisfaction with Year Fixed

Effects

(1)

(2)

State Gini ~0.34 (0.27) —0.58 (0.33)
Q1 (bottom) —0.30***  (0.014) —0.30***  (0.014)
Q2 —0.16*** (0.0091)  —0.16*** (0.0091)
Q3 ref. ref.

Q4 0.16***  (0.012) 0.16*** (0.011)
Q5 (top) 0.42**  (0.015) 0.42**  (0.014)
Q1 (bottom) x Gini 0.38*  (0.17)
Q2 x Gini —0.0087  (0.13)
Q3 x Gini ref.

Q4 x Gini 028  (0.21)
Q5 (top) x Gini 0.52* (0.25)
Female 0.0097  (0.0093) 0.0095  (0.0093)
Age (years) ~0.020%** (0.0013)  —0.020*** (0.0013)
(Age x Age)/10 0.028*** (0.0015) 0.028*** (0.0015)
Non-Hispanic white ref. ref.

Non-Hispanic black —0.12***  (0.013) —0.12***  (0.013)
Non-Hispanic other 0.084**  (0.025) 0.083** (0.025)
Hispanic 0014  (0.014) 0.017  (0.015)
Married ref. ref.

Widowed —0.063*** (0.012) —0.062*** (0.012)
Divorced —0.11%**  (0.0092)  —0.11*** (0.0088)
Separated —0.11***  (0.024) —0.11***  (0.024)
Never Married 0.067*** (0.011) 0.069*** (0.011)
Number of adults —0.034*** (0.0046)  —0.033*** (0.0046)
Number of children —0.019%** (0.0023)  —0.018"** (0.0023)
Religious service attendance 0.020*** (0.0024) 0.020*** (0.0024)
Years of education 0.0027  (0.0015) 0.0027  (0.0015)
Urban ref. ref.

Suburban —0.025*  (0.011) —0.025*  (0.011)
Rural 0.036** (0.013) 0.035** (0.013)
Full time ref. ref.

Part time —0.0076  (0.010) —0.008  (0.010)
Temp not working —0.0097  (0.025) —0.0097  (0.025)
Unemployed —0.31***  (0.024) —0.31***  (0.025)
Retired 0.090*** (0.021) 0.089*** (0.021)
In school 0.058*  (0.023) 0.058*  (0.023)
Keeping house 0.045*** (0.0089) 0.044*** (0.0089)
Other work status —0.10***  (0.027) —0.10***  (0.027)
Democrat ref. ref.

Republican 0.062*** (0.0089) 0.062*** (0.0089)
Other party; no party —0.0046  (0.012) —0.0039  (0.012)
State median income (logged) —0.00017 (0.082) —0.0013  (0.082)
State percent foreign born —0.057 (0.30) —0.13 (0.30)
State population density (logged) —0.086 (0.081) —0.075 (0.080)
State percent black 0.048 (0.38) 0.057 (0.38)
State poverty rate —0.0049  (0.0033) —0.005 (0.0033)
State Fixed Effects Yes Yes

Year Fixed Effects Yes Yes

Observations 51699 51699

Standard errors in parentheses

*p<.05, " p<.01, " p<.001
Note: The middle income quintile (Q3) is the baseline category. Each
model uses sampling weights and the standard errors are adjusted for

clustering within states.



Table A5: Regression Coefficients from Multilevel Models of Financial Satisfaction

(1)

Financial satisfaction

(2)

Financial satisfaction

State Gini

Q1 (bottom)

Q1 (bottom) X Gini
Q2 x Gini

Q3 x Gini

Q4 x Gini

Q5 (top) x Gini

Female

Age (years)

(Age x Age)/10
Non-Hispanic white
Non-Hispanic black
Non-Hispanic other

—0.42%**  (0.12)

—0.32***  (0.010)
—0.17***  (0.0095)
ref.
0.17***  (0.0097)
0.40*** (0.011)

0.0017  (0.0069)
—0.017*** (0.0012)
0.026*** (0.0012)
ref.
—0.12***  (0.010)
0.049*  (0.020)

—0.59*** (0.16)

—0.32***  (0.010)
—0.17***  (0.0095)
ref.
0.17***  (0.0097)
0.40***  (0.011)

0.25 (0.15)
—0.033 (0.15)
ref.

0.26 (0.15)

0.37* (0.16)

0.0016  (0.0069)
—0.017*** (0.0012)
0.026*** (0.0012)
ref.
—0.12***  (0.010)
0.049*  (0.020)

Hispanic 0.0064  (0.013) 0.008  (0.013)
Married ref. ref.

Widowed —0.020 (0.013) —0.019 (0.013)
Divorced —0.095*** (0.010) —0.094*** (0.010)
Separated —0.12***  (0.017) —0.12***  (0.017)
Never Married 0.063*** (0.0099) 0.065*** (0.0099)
Number of adults ~0.030*** (0.0043)  —0.029*** (0.0043)
Number of children —0.020*** (0.0021)  —0.019*** (0.0021)
Religious service attendance 0.019*** (0.0012) 0.019*** (0.0012)
Years of education 0.0026* (0.0012) 0.0026* (0.0012)
Urban ref. ref.

Suburban —0.027*** (0.0076)  —0.027*** (0.0076)
Rural 0.035*** (0.0100) 0.035*** (0.0100)
Full time ref. ref.

Part time —0.012  (0.010) —0.012  (0.010)
Temp not wrk —0.0052  (0.020) —0.0054  (0.020)
Unemployed —0.32***  (0.016) —0.32***  (0.016)
Retired 0.067*** (0.013) 0.067*** (0.013)
In school 0.046*  (0.019) 0.046*  (0.019)
Keeping house 0.039*** (0.010) 0.039*** (0.010)
Other work status —0.13***  (0.022) —0.13***  (0.022)
Democrat ref. ref.

Republican 0.062*** (0.0071) 0.062*** (0.0071)
Other party; no party —0.0028  (0.0088) —0.0023  (0.0088)
State median income (logged) —0.045 (0.057) —0.045 (0.057)
State percent foreign born —0.15 (0.14) —0.16 (0.14)
State population density (logged) —0.020**  (0.0068) —0.020**  (0.0067)
State percent black 0.25**  (0.078) 0.25**  (0.078)
State poverty rate —0.0050* (0.0020) —0.0051* (0.0020)
Constant 2.81***  (0.63) 2.82***  (0.63)
var(State) 0.0013***(0.00043) 0.0013***(0.00043)
var(State-year) 0.00089**{0.00033) 0.00088**0.00033)
var(Individual) 0.18"**  (0.0049) 0.18"**  (0.0049)
var(Residual) 0.27***  (0.0045) 0.27***  (0.0045)
Observations 51699 51699

Standard errors in parentheses
*p < .05, " p< .01, p<.001
Note: The middle income quintile (Q3) is the baseline category.
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